
Data Organization, Merging, and
Concatenation

Mastering Data Integration in Sports Analytics

In the world of sports analytics, data organization is the linchpin for insightful
analysis. This lesson delves into essential techniques of data merging and concate-
nation, using a comprehensive football dataset from Transfermarkt as our study
model. Explore how to effectively utilize inner, left, right, and full joins in R and
Python to bring coherence to multifaceted sports data. Designed for sport and
exercise science practitioners, this lesson demystifies complex data structures, en-
abling a seamless transition from raw data to actionable insights. Engage with
practical demonstrations that showcase these techniques in action, empowering
you to tackle sports data with confidence and clarity.

 Keywords

Data integration, data normalization, data structure, data integrity, data analysis, merg-
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 Lesson’s Level

The level of this lesson is categorized as BRONZE.

 Lesson’s Main Idea

Effective data organization and merging techniques are crucial for creating comprehensive
and insightful sports analytics datasets. Understanding how to join and concatenate data
in R and Python empowers you to combine segmented datasets seamlessly, enhancing the
depth and quality of your analysis.

Data used in this lesson is available on , a go-to platform for data science.
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Learning Outcomes

By the end of this lesson, you will have developed proficiency in:

• Understanding Data Organization in Sports Analytics: Recognizing the impor-
tance of structured data organization in sports science, and how it impacts the accuracy
and efficiency of data analysis.

• Mastering Merging Techniques in R and Python: Gaining hands-on experience
with key merging functions in dplyr (R) and pandas (Python), allowing you to combine
datasets seamlessly based on shared keys.

• Applying Various Merge Types for Comprehensive Analysis: Learning to choose
and apply the most suitable merge type (inner, left, right, full) for different analytical
scenarios in sports data, ensuring a holistic approach to dataset integration.

• Implementing Concatenation for Time-Series Data: Utilizing concatenation tech-
niques to unify segmented data, such as seasonal sports performance metrics, into a
singular, coherent dataset for extensive analysis.

• Enhancing Dataset Integrity Through Structured Merges: Developing the skills
to maintain data integrity and reduce redundancy through effective data merging, which
is essential for making informed decisions in sports analytics.

Introduction: Data Organization

Importance of Efficient Data Organization in Sports Analytics

In sport and exercise science, data provides the backbone for understanding and enhancing
athletic performance. Accurate data analysis hinges on how well we organize this information.
Efficient organization enables practitioners to swiftly locate and utilize data — from monitoring
an athlete’s training load to analyzing team performance trends. However, the true value is
realized when it’s time to bring these disparate pieces of data together. Merging different tables
for analysis should be seamless, allowing for a comprehensive view that informs strategy and
decision-making.

Data Normalization: Why Separate Tables Enhance Data Integrity And Reduce
Redundancy

Data normalization is about smart storage — arranging your data across related tables to
avoid unnecessary duplication and maintain consistency. Think of it as assigning each type of
data a specific ‘locker’ within a well-organized gym. You store athlete profiles, performance
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stats, and health records separately, but when it’s time to develop a holistic training plan, you
need to bring these elements together efficiently. This structure not only eliminates clutter
(redundancy) but also ensures that each data point remains accurate and up-to-date (integrity).
When you maintain clean, well-structured records, merging data becomes a straightforward
task, paving the way for insights that can give athletes and teams a competitive edge.

Data Organization in Spreadsheets: Streamlining for Accuracy and Efficiency

Efficient data organization within spreadsheets is critical for minimizing errors and streamlin-
ing subsequent analysis. As recommended in the insightful Data Organization in Spreadsheets
article, adhering to best practices ensures clarity and consistency. Key principles include
maintaining uniformity, using the YYYY-MM-DD format for dates, avoiding empty cells, and
ensuring each cell contains a single piece of information. Data should be structured in a clear,
rectangular format, with subjects as rows, variables as columns, and a solitary header row. Ad-
ditionally, creating a data dictionary, refraining from embedding calculations in raw data files,
and avoiding the use of font color or highlighting to represent data are crucial. Consistently
naming entities, regular data backups, employing data validation to prevent entry errors, and
saving files in plain text format further enhance data integrity. These guidelines are pivotal
for orderly and efficient data handling in spreadsheets.

Having outlined the essentials of data normalization and organization, let’s now explore
the powerful tools in R and Python designed to streamline the merging of our structured
datasets.

Tools for Data Merging and Concatenation

dplyr package in R

The dplyr package in R is an essential tool for data manipulation tasks. It provides a set of
functions, akin to data manipulation verbs, such as select, filter, mutate, arrange, and
summarize. These functions allow us to perform complex data transformations with ease. For
data merging, the package includes several join functions, which enable precise combinations
of datasets based on specified columns using the ‘by’ argument.

pandas library in Python

The pandas library in Python stands out as a fundamental tool for data science, especially
in handling and analyzing sports data. Its robust framework simplifies data manipulation
through intuitive functions for selecting, filtering, and altering datasets. When it comes to
merging data, pandas offers powerful functions like merge, which allow for the combination of
different datasets by aligning them on common columns.
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Overview of the Multi-Table Sports Dataset for This Case Study

For this lesson, we will be using a rich football dataset extracted from Transfermarkt, a
comprehensive football database. The dataset is available on Kaggle, a go-to platform for
data science. The selection of this dataset is particularly beneficial as it demonstrates how a
comprehensive data collection can be efficiently stored across multiple interconnected tables,
providing us a practical example of dataset structuring.

The dataset is split across several CSV files, but what is special is how they are all connected.
They are linked by something called keys, which are unique identifiers, like a special tag. They
help keep the data organized and allow us to combine information from different files. For
example, the main tags like club_id and player_id are used in more than one file to show
how they are related.

To demonstrate the relationships between the files, we are going to showcase just a few key
columns and entries. This concise display is merely for illustration; you are encouraged to
delve into the full depth of the data on your own.

Let’s start with the games.csv file. It lists all games, each with its own game_id. The teams
playing are shown with home_club_id and away_club_id.

R

games <- read.csv("games.csv")
head(games[, c("game_id", "home_club_id", "away_club_id")], 3)

Python

import pandas as pd
games = pd.read_csv("games.csv")
games[['game_id', 'home_club_id', 'away_club_id']].head(3)

game_id home_club_id away_club_id
0 2222597 3725 232
1 2222627 2696 4128
2 2222658 2410 121

The clubs.csv file contains information about football clubs, each having a club_id. Players
in a club are connected using current_club_id.
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R

clubs <- read.csv("clubs.csv")
head(clubs[, c("club_id", "name")], 3)

Python

clubs = pd.read_csv("clubs.csv")
clubs[['club_id', 'name']].head(3)

club_id name
0 105 SV Darmstadt 98
1 11127 Ural Yekaterinburg
2 114 Besiktas JK

Next, the players.csv file gives details about players. Every player has a player_id, and
the club they play for is shown using current_club_id.

R

players <- read.csv("players.csv")
head(players[, c("player_id", "current_club_id", "current_club_name")], 3)

Python

players = pd.read_csv("players.csv")
players[['player_id', 'current_club_id', 'current_club_name']].head(3)

player_id current_club_id current_club_name
0 598 24 Eintracht Frankfurt
1 670 714 RCD Espanyol Barcelona
2 1323 24 Eintracht Frankfurt

Lastly, the player_valuations.csv file shows the market value of players. Each valuation is
linked to a player using player_id.
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R

player_valuations <- read.csv("player_valuations.csv")
head(player_valuations[, c("player_id", "market_value_in_eur", "current_club_id")], 3)

Python

player_valuations = pd.read_csv("player_valuations.csv")
player_valuations[['player_id', 'market_value_in_eur', 'current_club_id']].head(3)

player_id market_value_in_eur current_club_id
0 3132 400000 126
1 6893 900000 984
2 10 7000000 398

To reiterate, the files are linked as follows:

• the dataset stores the data for each game in a table named games.csv, which records
the identifiers for the home and away teams;

• the clubs.csv file holds the names and identifiers of the clubs, connecting to games.csv
via the home_club_id and away_club_id;

• players are listed in players.csv with their identifiers and the clubs they currently play
for, linking back to clubs.csv through current_club_id;

• lastly, players_valuations.csv carries the market values of the players, connected by
player_id to the entries in players.csv.

Figure 1 helps to visualize these connections:

By using this key system, we can easily combine and analyze the data. This is a common way
databases are set up, especially when there is a lot of related information.

Building on our understanding of the dataset’s structure, we will now delve into the practical
applications of merging techniques, which are crucial for combining these interrelated dataset
tables.
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Figure 1: Transfermarkt Dataset Hierarchy: Visual representation of the interconnectedness
between the dataset files using unique keys.

Data Merging: Building a Comprehensive Dataset

Inner Join/Merge

An “inner merge” is a data combination technique applied to two datasets, where the process
hinges on a shared key or set of keys. The hallmark of an inner merge is its exclusivity; it only
amalgamates records with matching key values across both datasets.

Picture two data collections, each marked by distinct categories paired with values. An inner
merge assesses these categories side by side and retains only those pairs that are recognized in
both. For instance, if one dataset contains categories A and B and another holds categories B
and C, the inner merge will synchronize on category B — this is the mutual category — and
consolidate the related information from both datasets.

This technique excels in its ability to distill data to a core intersection, ensuring any analysis
conducted is based on fully corresponding records from both data sources. The inner merge
thus acts as a filter, drawing out a subset of data that is consistently represented across
combined datasets.

Below is the syntax for performing an inner merge in R using the dplyr package and in Python
using the pandas library.

R

library(dplyr)
inner_join(X, Y, by = "Category")

# X: The first DataFrame (or tibble) to join.
# Y: The second DataFrame (or tibble) to join.
# by: indicates the matching column "Category" that exists in both data frames.
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# Rows with the same "Category" value in both X and Y will be merged.

Python

import pandas as pd
pd.merge(left=X, right=Y, left_on='Category', right_on='Category', how='inner')

# left: DataFrame on the left side of the merge.
# right: DataFrame on the right side of the merge.
# left_on: Column in left DataFrame to match with right_on in right DataFrame.
# right_on: Column in right DataFrame to match with left_on in left DataFrame.
# how: Merge method, set to 'inner' for inner merge.

Let’s now demonstrate an inner merge using our Transfermarkt dataset. Since we have already
loaded all data into dataframes in Section , we can directly proceed with merging the datasets.
In R, the piping operator %>% from the dplyr package, and in Python, the method chaining
ability of pandas, both allow for seamless integration of multiple operations. This functionality
enables us to efficiently shape and manipulate our dataframes, avoiding repetitive and cluttered
code.

In this demonstration, we will merge three distinct datasets — games, clubs, and players —
each initially stored in separate files. Once combined, we can carry out various data manip-
ulation tasks on this unified dataset in both R and Python, such as filtering, selection, and
aggregation. These operations allow us to focus our analysis on specific aspects, like the details
of a particular match and the players involved.

R

# Joining 'games' and 'clubs' dataframes, linking them by the 'home_club_id' from 'games' and 'club_id' from 'clubs'.
# We use the 'suffix' parameter to rename overlapping columns for clarity. Without 'suffix', we would have default names like 'name_x' and 'name_y', which can be ambiguous. With 'suffix', we get descriptive names like 'name_games' and 'name_clubs', indicating the origin of each column.

games_clubs <- games %>%
inner_join(clubs, by = c('home_club_id' = 'club_id'), suffix = c('_games', '_clubs')) %>%

# Filtering the data for a specific season, competition (English Premier League), matchday, and game.
filter(season == 2023 & competition_id == 'GB1' & round == '2. Matchday' & game_id == 4087941) %>%

# Joining the resulting dataframe with 'players', linking them by 'home_club_id' from 'games_clubs' and 'current_club_id' from 'players'.
inner_join(players, by = c('home_club_id' = 'current_club_id'), suffix = c('_games_clubs', '_players')) %>%
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# Filtering the players' data to include only players from the current season.
filter(last_season_players == 2023)

Python

# Joining 'games' and 'clubs' dataframes, linking them by 'home_club_id' from 'games' and 'club_id' from 'clubs'.
# We use the 'suffixes' argument to rename overlapping columns for clarity. Without 'suffixes', we would have default names like 'name_x' and 'name_y', which can be ambiguous. With 'suffixes', we get descriptive names like 'name_games' and 'name_clubs', indicating the origin of each column.

games_clubs = (
pd.merge(left = games, right = clubs, left_on = "home_club_id", right_on = "club_id", how = "inner", suffixes = ('_games', '_clubs'))

# Filtering the data for a specific season, competition (English Premier League), matchday, and game.
.query("season == 2023 & competition_id == 'GB1' & round == '2. Matchday' & game_id == 4087941")

# Joining the resulting dataframe with 'players', linking them by 'home_club_id' from 'games_clubs' and 'current_club_id' from 'players'.
.merge(players, left_on = "home_club_id", right_on = "current_club_id", how = "inner", suffixes = ('_games_clubs', '_players'))

# Filtering the players' data to include only players from the current season.
.query("last_season_players == 2023")

)

game_id competition_id season round date home_club_id away_club_id home_club_goals away_club_goals home_club_position away_club_position home_club_manager_name away_club_manager_name stadium attendance referee url_games home_club_formation away_club_formation home_club_name away_club_name aggregate competition_type club_id club_code name_games_clubs domestic_competition_id total_market_value squad_size average_age foreigners_number foreigners_percentage national_team_players stadium_name stadium_seats net_transfer_record coach_name last_season_games_clubs url_clubs player_id first_name last_name name_players last_season_players current_club_id player_code country_of_birth city_of_birth country_of_citizenship date_of_birth sub_position position foot height_in_cm market_value_in_eur highest_market_value_in_eur contract_expiration_date agent_name image_url url current_club_domestic_competition_id current_club_name
1 4087941 GB1 2023 2. Matchday 2023-08-19 148 985 2 0 5.0 12.0 Ange Postecoglou Erik ten Hag Tottenham Hotspur Stadium 61910.0 Michael Oliver https://www.transfermarkt.co.uk/tottenham-hots... 4-2-3-1 4-2-3-1 Tottenham Hotspur Manchester United 2:0 domestic_league 148 tottenham-hotspur Tottenham Hotspur GB1 NaN 29 26.1 21 72.4 22 Tottenham Hotspur Stadium 62062 €-130.40m NaN 2023 https://www.transfermarkt.co.uk/tottenham-hots... 431755 Dejan Kulusevski Dejan Kulusevski 2023 148 dejan-kulusevski Sweden Stockholm Sweden 2000-04-25 Right Winger Attack left 186.0 50000000.0 55000000.0 2028-06-30 00:00:00 World Soccer Agency https://img.a.transfermarkt.technology/portrai... https://www.transfermarkt.co.uk/dejan-kulusevs... GB1 Tottenham Hotspur
2 4087941 GB1 2023 2. Matchday 2023-08-19 148 985 2 0 5.0 12.0 Ange Postecoglou Erik ten Hag Tottenham Hotspur Stadium 61910.0 Michael Oliver https://www.transfermarkt.co.uk/tottenham-hots... 4-2-3-1 4-2-3-1 Tottenham Hotspur Manchester United 2:0 domestic_league 148 tottenham-hotspur Tottenham Hotspur GB1 NaN 29 26.1 21 72.4 22 Tottenham Hotspur Stadium 62062 €-130.40m NaN 2023 https://www.transfermarkt.co.uk/tottenham-hots... 556385 Destiny Udogie Destiny Udogie 2023 148 destiny-udogie Italy Verona Italy 2002-11-28 Left-Back Defender left 188.0 38000000.0 38000000.0 2027-06-30 00:00:00 Football Service https://img.a.transfermarkt.technology/portrai... https://www.transfermarkt.co.uk/destiny-udogie... GB1 Tottenham Hotspur
3 4087941 GB1 2023 2. Matchday 2023-08-19 148 985 2 0 5.0 12.0 Ange Postecoglou Erik ten Hag Tottenham Hotspur Stadium 61910.0 Michael Oliver https://www.transfermarkt.co.uk/tottenham-hots... 4-2-3-1 4-2-3-1 Tottenham Hotspur Manchester United 2:0 domestic_league 148 tottenham-hotspur Tottenham Hotspur GB1 NaN 29 26.1 21 72.4 22 Tottenham Hotspur Stadium 62062 €-130.40m NaN 2023 https://www.transfermarkt.co.uk/tottenham-hots... 859951 Ashley Phillips Ashley Phillips 2023 148 ashley-phillips NaN NaN England 2005-06-26 Centre-Back Defender right 192.0 2000000.0 3000000.0 2028-06-30 00:00:00 NaN https://img.a.transfermarkt.technology/portrai... https://www.transfermarkt.co.uk/ashley-phillip... GB1 Tottenham Hotspur
8 4087941 GB1 2023 2. Matchday 2023-08-19 148 985 2 0 5.0 12.0 Ange Postecoglou Erik ten Hag Tottenham Hotspur Stadium 61910.0 Michael Oliver https://www.transfermarkt.co.uk/tottenham-hots... 4-2-3-1 4-2-3-1 Tottenham Hotspur Manchester United 2:0 domestic_league 148 tottenham-hotspur Tottenham Hotspur GB1 NaN 29 26.1 21 72.4 22 Tottenham Hotspur Stadium 62062 €-130.40m NaN 2023 https://www.transfermarkt.co.uk/tottenham-hots... 167799 Pierre-Emile Højbjerg Pierre-Emile Højbjerg 2023 148 pierre-emile-hojbjerg Denmark København Denmark 1995-08-05 Central Midfield Midfield right 185.0 32000000.0 45000000.0 2025-06-30 00:00:00 NaN https://img.a.transfermarkt.technology/portrai... https://www.transfermarkt.co.uk/pierre-emile-h... GB1 Tottenham Hotspur
10 4087941 GB1 2023 2. Matchday 2023-08-19 148 985 2 0 5.0 12.0 Ange Postecoglou Erik ten Hag Tottenham Hotspur Stadium 61910.0 Michael Oliver https://www.transfermarkt.co.uk/tottenham-hots... 4-2-3-1 4-2-3-1 Tottenham Hotspur Manchester United 2:0 domestic_league 148 tottenham-hotspur Tottenham Hotspur GB1 NaN 29 26.1 21 72.4 22 Tottenham Hotspur Stadium 62062 €-130.40m NaN 2023 https://www.transfermarkt.co.uk/tottenham-hots... 354362 Rodrigo Bentancur Rodrigo Bentancur 2023 148 rodrigo-bentancur Uruguay Nueva Helvecia Uruguay 1997-06-25 Central Midfield Midfield right 187.0 40000000.0 50000000.0 2026-06-30 00:00:00 Back Sports S.A. https://img.a.transfermarkt.technology/portrai... https://www.transfermarkt.co.uk/rodrigo-bentan... GB1 Tottenham Hotspur

In this demonstration, using both R and Python, we’ve employed an inner merge to align
and combine the games dataset with the clubs dataset. This ensures each game is accurately
linked with its corresponding club details.

We then applied a filter to the merged dataset, focusing on a specific event: the second
matchday of the 2023 season in the ‘GB1’ competition, particularly game number 4087941.
This filtering process narrows our dataset to concentrate solely on the specifics of this match.

Subsequently, we executed another inner merge, this time integrating the players dataset.
In both programming environments, this step significantly enriches our dataset by providing
detailed information about each player, especially those who were active in the 2023 season.
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With the datasets successfully merged, a comprehensive dataset is now at your disposal for
any form of statistical analysis, whether in R or Python.

Left/Right Join/Merge

A “left join” in R or a “left merge” in Python prioritizes the left dataset by including all of
its records in the final merged dataset. Where the right dataset has matching entries, these
are combined with the left; if not, the left’s unmatched entries are still retained, with missing
values filled in for the right dataset’s absent data. For instance, if Dataset 1 includes categories
A and B, and Dataset 2 includes B and C, a left join (or merge) will preserve all entries A
and B from Dataset 1. Category B will be paired with its corresponding value from Dataset
2, while category A will have missing values for Dataset 2’s columns since it does not have a
match.

Conversely, a “right join” in R or a “right merge” in Python ensures all records from the right
dataset are preserved. Matching entries from the left dataset are merged where they exist;
otherwise, the right’s records stand alone, with missing values for any unmatched left dataset
columns. Continuing with our example, a right join (or merge) would keep all categories B
and C from Dataset 2. Category B would have its data completed by the matched data from
Dataset 1, while category C would be present with missing values for Dataset 1’s columns,
given it has no counterpart in the left dataset.

These merging strategies are essential when the goal is to preserve all records from the primary
dataset, complementing them with any matching data from the other dataset. They are
especially valuable for ensuring completeness of the primary dataset’s records, including those
without corresponding matches in the secondary dataset.

Below is the syntax for performing a left join in R using the dplyr package and a left merge
in Python using the pandas library, as well as their respective right-sided counterparts.

R

library(dplyr)
# For a left join:
left_join(X, Y, by = "Category")

# For a right join:
right_join(X, Y, by = "Category")

# Parameters:
# X: The first data frame (or tibble) to join.
# Y: The second data frame (or tibble) to join.
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# by: The column name(s) to join by, present in both X and Y.
# The specific join function (left_join, right_join) determines the type of merge.

Python

import pandas as pd
# For a left merge, use 'left' in the 'how' parameter:
pd.merge(left=X, right=Y, left_on='Category', right_on='Category', how='left')

# For a right merge, use 'right' in the 'how' parameter:
pd.merge(left=X, right=Y, left_on='Category', right_on='Category', how='right')

# Parameters:
# left: DataFrame to remain intact on the left side of the merge.
# right: DataFrame to merge on the right side.
# left_on: Column from the left DataFrame to match with right_on.
# right_on: Column from the right DataFrame to match with left_on.
# how: Specifies the merge type. Use 'left' to perform a left merge, 'right' for a right merge.

Now, let’s explore the application of a left join/merge using our Transfermarkt dataset. This
demonstration will illustrate how a left join/merge differs from an inner join/merge, particu-
larly in handling non-matching data.

 Modified Data for Demonstration

In the following example, we’ve modified the clubs dataframe by sampling only 70% of
its rows to demonstrate the specific behavior of a left join/merge. This introduces missing
club_id values, crucial for illustrating how left joins/merges handle missing data in the
right dataframe. Remember, this is an educational simplification and may not reflect
typical real-world data scenarios. In practice, the choice of join/merge type should be
based on the actual structure and completeness of your data, as well as the goals of your
analysis.
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R

# Selecting relevant columns and filtering the 'players' dataframe for the 2023 season.
players_select <- players %>%
select(player_id, name, last_season, current_club_id) %>%
filter(last_season == 2023)

# Creating a subset of 'clubs' and selecting specific columns for demonstration purposes.
clubs_subset <- clubs[sample(1:nrow(clubs), size = 0.7 * nrow(clubs)), ] %>%
select(club_id, name, domestic_competition_id, squad_size, average_age, national_team_players)

# Performing a left join to include all records from 'players_select', even if there's no matching 'club_id' in 'clubs_subset'.
players_clubs <- players_select %>%
left_join(clubs_subset, by = c('current_club_id' = 'club_id'), suffix = c('_player', '_club'))

# Identifying rows where club details are missing due to the nature of the left join.
players_clubs_na_left <- players_clubs[is.na(players_clubs$name_club), ]

# For comparison, performing an inner join, which only includes matching records.
players_clubs <- players_select %>%
inner_join(clubs_subset, by = c('current_club_id' = 'club_id'), suffix = c('_player', '_club'))

# Checking for missing club details in the inner join result.
players_clubs_na_inner <- players_clubs[is.na(players_clubs$name_club), ]

Python

# Selecting relevant columns and filtering the 'players' dataframe for the 2023 season.
players_select = players[['player_id', 'name', 'last_season', 'current_club_id']]
players_select = players_select[players_select['last_season'] == 2023]

# Creating a subset of 'clubs' and selecting specific columns for demonstration purposes.
clubs_subset = clubs.sample(frac=0.7)
clubs_subset = clubs_subset[['club_id', 'name', 'domestic_competition_id', 'squad_size', 'average_age', 'national_team_players']]

# Performing a left join to include all records from 'players_select', even if there's no matching 'club_id' in 'clubs_subset'.
players_clubs = pd.merge(left = players_select, right = clubs_subset, left_on = "current_club_id", right_on = "club_id", how = "left", suffixes=('_player', '_club'))

# Identifying rows where club details are missing due to the nature of the left join.
players_clubs_na_left = players_clubs[players_clubs['name_club'].isna()]
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players_clubs_na_left.head()

# For comparison, performing an inner join, which only includes matching records.
players_clubs_inner = pd.merge(left = players_select, right = clubs_subset, left_on = "current_club_id", right_on = "club_id", how = "inner", suffixes=('_player', '_club'))

# Checking for missing club details in the inner join result.
players_clubs_na_inner = players_clubs_inner[players_clubs_inner['name_club'].isna()]

players_clubs_na_inner.head()

In this example, the left join effectively retains all player records from players_select,
even when their corresponding clubs are not present in clubs_subset. As a result, the
players_clubs_na_left dataframe contains players whose club information is missing due
to the absence of corresponding entries in clubs_subset. These are instances where players’
clubs do not match any club in our subset, highlighting the inclusiveness of the left join.

player_id name_player last_season current_club_id club_id name_club domestic_competition_id squad_size average_age national_team_players
2 38780 Vítor Gomes 2023 2425 NaN NaN NaN NaN NaN NaN
6 44062 Antonio Adán 2023 336 NaN NaN NaN NaN NaN NaN
16 59866 Victor Moses 2023 232 NaN NaN NaN NaN NaN NaN
18 64598 Bernardo Espinosa 2023 12321 NaN NaN NaN NaN NaN NaN
19 65278 Pedro 2023 398 NaN NaN NaN NaN NaN NaN

In contrast, the inner join, applied to create the players_clubs_na_inner dataframe, only
includes players whose clubs have corresponding matches in both datasets. Since the inner
join requires exact matches in both dataframes, there are no missing club details in this result,
leading to an empty players_clubs_na_inner dataframe. This starkly contrasts with the left
join outcome and exemplifies the inner join’s exclusivity — it only retains records that have
matching counterparts in both datasets.

Empty DataFrame Columns: Index([’player_id’, ’name_player’, ’last_season’, ’current_club_id’, ’club_id’, ’name_club’, ’domestic_competition_id’, ’squad_size’, ’average_age’, ’national_team_players’], dtype=’object’) Index: Int64Index([], dtype=’int64’)

This demonstration highlights the utility of left joins in ensuring no data from the primary
dataset is overlooked, even in the absence of matching records in the secondary dataset. It is
particularly valuable in scenarios where retaining complete records from one dataset is crucial
for the analysis.

 Right Join/Merge

While this demonstration focused on left joins/merges, it’s important to note that right
joins/merges work in a similar but mirrored manner. Essentially, a right join/merge
preserves all records from the right dataframe, complementing them with matching data
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from the left dataframe, just as we saw with the left join/merge but in reverse. Given
their mirrored functionality, and with the syntax already provided, a separate practical
demonstration for right joins/merges is not necessary to understand their behavior in the
context of our dataset.

Full Join / Outer Merge

A “full join” in R or an “outer merge” in Python is the most inclusive of data combination
methods, designed to ensure no data is lost from either dataset involved. This operation merges
rows from both datasets that have matching keys, and also includes rows that are exclusive to
each dataset.

Consider two separate collections of data, each with its own categories and values. A full join
or outer merge will combine these sets, aligning the matching categories and their associated
values. Where there is no match — for example, if Dataset 1 has a category A that is not
found in Dataset 2, and Dataset 2 has a category C absent from Dataset 1 — both categories
A and C will still appear in the combined dataset. The resulting merged dataset will have
places filled with missing values (NA in R and NaN in Python) in place of the non-existent
counterparts.

This comprehensive approach is beneficial when it’s critical to maintain a full spectrum of
data from both datasets, allowing for a thorough analysis that accounts for all available data
points. It’s an approach that avoids any inadvertent loss of information, providing a complete
combined dataset that is especially useful when analyzing the full scope of data without losing
sight of any unpaired records.

Below is the syntax for performing a full join in R using the dplyr package and an outer merge
in Python using the pandas library.

R

library(dplyr)
full_join(X, Y, by = "Category")

# Parameters:
# X: The first data frame (or tibble) for joining.
# Y: The second data frame (or tibble) for joining.
# by: The column name(s) used to match rows between X and Y.
# The full_join function merges all rows from X and Y, keeping all records, with missing values filled where no match is found.
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Python

import pandas as pd
pd.merge(left = X, right = Y, left_on = 'Category', right_on = 'Category', how = 'outer')

# Parameters:
# left: DataFrame to merge on the left side.
# right: DataFrame to merge on the right side.
# left_on: Column in the left DataFrame to align with the right DataFrame's right_on column.
# right_on: Column in the right DataFrame to align with the left DataFrame's left_on column.
# how: Specifies the merge type. Use 'outer' to include all records from both DataFrames.

Now, let’s delve into the application of a full join using our Transfermarkt dataset. This
demonstration will showcase the full join’s capability to combine datasets comprehensively,
preserving all records from both datasets, regardless of whether they have matching counter-
parts.

 Modified Data for Demonstration

For this demonstration, we’ve modified the player_valuations dataset by selecting
only 70% of its entries. This adjustment introduces missing player_id values, which are
essential for illustrating how full joins handle incomplete data across both datasets. It’s
important to note that this modification is for educational purposes and may not reflect
real-world data scenarios. The choice of join type in actual analysis should be based on
the data’s structure and the objectives of your study.

R

# Selecting relevant columns and filtering the 'players' dataframe for the 2023 season.
players_select <- players %>%
filter(last_season == 2023) %>%
select(player_id, name, height_in_cm)

# Creating a subset of 'player_valuations', selecting the first entry for each player.
player_valuations_subset <- player_valuations %>%
filter(last_season == 2023) %>%
group_by(player_id) %>%
slice(1) %>%
select(player_id, market_value_in_eur)
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# Reducing the 'player_valuations_subset' to simulate missing data.
player_valuations_subset <- player_valuations_subset[sample(1:nrow(player_valuations_subset), size = 0.7 * nrow(player_valuations_subset)), ]

# Performing a full join to merge all data from 'players_select' and 'player_valuations_subset'.
players_and_valuation <- players_select %>%
full_join(player_valuations_subset, by = "player_id")

# Filtering to show rows with missing values, indicating unmatched data in the join.
players_and_valuation_na <- players_and_valuation %>%
filter(if_any(everything(), is.na))

Python

# Selecting relevant columns and filtering the 'players' dataframe for the 2023 season.
players_select = players[players['last_season'] == 2023][['player_id', 'name', 'height_in_cm']]

# Creating a subset of 'player_valuations', selecting the first entry for each player.
player_valuations_subset = player_valuations[player_valuations['last_season'] == 2023]
player_valuations_subset = player_valuations_subset.groupby('player_id').first().reset_index()
player_valuations_subset = player_valuations_subset[['player_id', 'market_value_in_eur']]

# Reducing the 'player_valuations_subset' to simulate missing data.
player_valuations_subset = player_valuations_subset.sample(frac=0.7)

# Performing a full join to merge all data from 'players_select' and 'player_valuations_subset'.
players_and_valuation = pd.merge(left = players_select, right = player_valuations_subset, left_on = "player_id", right_on = "player_id", how = "outer")

# Filtering to show rows with missing values, indicating unmatched data in the join.
players_and_valuation_na = players_and_valuation[players_and_valuation.isna().any(axis=1)]

players_and_valuation_na
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player_id name height_in_cm market_value_in_eur
0 22860 Jesper Hansen 188.0 NaN
5 43858 Adam Legzdins 190.0 NaN
7 45314 Federico Fazio 195.0 NaN
10 54846 Fabian Holland 172.0 NaN
19 65278 Pedro 167.0 NaN
20 69636 Mathias Gehrt 172.0 NaN
21 70359 David Simão 183.0 NaN
23 78570 Anthony Moris 186.0 NaN
25 81349 Antonio Jakolis 175.0 NaN
28 86202 Antonio Rüdiger 190.0 NaN
32 95707 Volodymyr Tanchyk 166.0 NaN
35 108880 Koen Casteels 197.0 NaN
38 118302 Nikolaos Vergos 184.0 NaN
39 120296 Benjamin Uphoff 192.0 NaN
40 120629 Alphonse Areola 195.0 NaN
41 124495 Tolis Vellios 191.0 NaN
45 128969 Mathew Ryan 184.0 NaN
50 139435 Dani Rodríguez 178.0 NaN
51 144304 Ognjen Ozegovic 180.0 NaN
54 155396 Cláudio Ramos 183.0 NaN
61 173192 Mikey Devlin 188.0 NaN
65 189070 Modou Barrow 176.0 NaN
67 191391 Yusuf Erdoğan 171.0 NaN
72 204189 Okan Kocuk 187.0 NaN
76 210178 Pablo Marí 193.0 NaN
77 211251 Darwin Machís 171.0 NaN
85 222556 Admir Bajrovic 181.0 NaN
88 232964 Emiliano Marcondes 182.0 NaN
94 241076 Emmanuel Gyasi 181.0 NaN
96 241923 Lorenzo Montipò 191.0 NaN
97 244491 Stefano Gori 185.0 NaN
105 258519 Hidde ter Avest 182.0 NaN
115 283497 Mathias Honsak 188.0 NaN
117 286384 Eric Bailly 187.0 NaN
118 286596 Emir Karic 184.0 NaN
126 307053 Sergiy Panasenko 172.0 NaN
133 329520 Matti Olsen NaN 25000.0
134 332340 Yan Dhanda 173.0 NaN
136 334499 Antonio Portales 183.0 NaN
138 338636 Jérôme Déom 175.0 NaN
139 338637 Daam Foulon 180.0 NaN
144 340321 Josh Dasilva 184.0 NaN
147 342385 Guido Rodríguez 185.0 NaN
148 345468 Andi Zeqiri 185.0 NaN
151 346849 Christoph Klarer 191.0 NaN
154 354741 Loren Morón 185.0 NaN
155 356236 Tomoki Iwata 178.0 NaN
157 362086 Isi Palazón 169.0 NaN
160 370846 Timothy Weah 183.0 NaN
161 371814 Nathaniel Phillips 190.0 NaN
162 373187 Maracás 184.0 NaN
165 382096 Bruce Anderson 173.0 NaN
178 412943 Kenzo Goudmijn 173.0 NaN
182 418553 Jesper Daland 191.0 NaN
183 418659 Amine Gouiri 181.0 NaN
184 424204 Alphonso Davies 183.0 NaN
186 425918 Jakub Kiwior 189.0 NaN
191 444208 Michael Obafemi 170.0 NaN
196 457528 Zach Hemming NaN 250000.0
198 461963 Celton Biai 188.0 NaN
201 470831 Vikentiy Voloshyn 179.0 NaN
202 472249 Jan Thielmann 178.0 NaN
204 474838 Brian Plat 191.0 NaN
208 481128 Martin Minchev 185.0 NaN
210 482072 Kévin Denkey 181.0 NaN
211 484756 Djordje Mihailovic 178.0 NaN
212 486043 Thibo Baeten 185.0 NaN
213 489611 Filippo Ranocchia 186.0 NaN
217 503482 Min-jae Kim 190.0 NaN
220 511119 Halil Yeral 190.0 NaN
221 517821 Nikolay Sysuev 190.0 NaN
223 524031 Oleksandr Belyaev 174.0 NaN
226 527304 Yaw Moses 170.0 NaN
227 530742 Fisayo Dele-Bashiru 186.0 NaN
228 530881 Oludare Olufunwa NaN NaN
229 532775 Melvin Bard 173.0 NaN
232 537956 Panagiotis Tsagalidis NaN 50000.0
239 567309 Naatan Skyttä 170.0 NaN
240 569383 Chrislain Matsima 193.0 NaN
242 570817 Maxime Busi 182.0 NaN
243 575693 Ibrahim Cissoko 188.0 NaN
245 581140 Joelson Fernandes 172.0 NaN
246 585711 Boris Lambert 187.0 NaN
247 587298 Pelle Mattsson 181.0 NaN
248 605466 Iker Unzueta 184.0 NaN
249 610440 Valdemar Lund 193.0 NaN
253 624151 Giannis Saltas NaN 50000.0
262 660860 Diego Coppola 192.0 NaN
263 661207 Oscar Bobb 175.0 NaN
264 662131 Ahmetcan Kaplan 189.0 NaN
265 662140 Eray Özbek NaN 50000.0
266 667967 Yassine Kechta 174.0 NaN
267 668683 Vangelis Nikolaou NaN NaN
270 695121 Hevertton 183.0 NaN
271 702856 Joey Antonioli NaN NaN
272 704773 Amourricho van Axel Dongen 175.0 NaN
274 712911 Jasper Samooja 189.0 NaN
275 717199 Bogdan Slyubyk 186.0 NaN
277 718643 Alioune Ndour 188.0 NaN
279 724041 Enock Agyei 172.0 NaN
283 740498 Pastor 176.0 NaN
284 743381 Jorne Spileers 188.0 NaN
286 748341 Essien Ededem 180.0 NaN
289 790669 Kayne van Oevelen 199.0 NaN
291 795762 Elias Bakatukanda 193.0 NaN
295 802520 Magnus Munck NaN 200000.0
296 804812 Anthony Oyono 184.0 NaN
297 806384 Nick Fichtinger NaN NaN
303 842780 Houssem Mrezigue 185.0 NaN
304 843915 Christos Dimos NaN NaN
305 857079 Belloumi 177.0 NaN
309 896140 Thomas Vrakas NaN 50000.0
310 897051 Alan Minda 171.0 NaN
317 1045568 Danylo Golub 176.0 NaN
318 1070642 Oskar Boesen NaN NaN
319 1070797 Adnan Aktaş NaN 50000.0
322 1159759 Adam Nhaili NaN NaN
324 1163778 Kahveh Zahiroleslam 193.0 NaN
326 16136 Dante 188.0 NaN
330 33829 José Fonte 191.0 NaN
334 36139 Dusan Tadic 181.0 NaN
336 52477 Sergey Parshivlyuk 180.0 NaN
342 88721 Jeffrey Bruma 189.0 NaN
343 93763 Alexander Schwolow 190.0 NaN
344 139208 Virgil van Dijk 193.0 NaN
350 303259 Dodi Lukébakio 187.0 NaN
353 314353 Trent Alexander-Arnold 180.0 NaN
355 351738 Lincoln 178.0 NaN
362 481244 Ester Sokler 181.0 NaN
368 538481 Onurhan Babuşcu 176.0 NaN
375 644771 Odilon Kossounou 191.0 NaN
377 652426 Yusuf Özdemir 181.0 NaN
378 671675 Chris Lokesa NaN 100000.0
379 691920 Artem Karpukas 184.0 NaN
380 737982 Julio Cesar 192.0 NaN
392 54781 Nicolás Otamendi 183.0 NaN
393 56100 Leon Balogun 190.0 NaN
396 61887 Federico Macheda 185.0 NaN
397 62163 Nicky Clark 178.0 NaN
398 64371 Pedro Moreira 181.0 NaN
401 74040 Sinan Osmanoğlu 197.0 NaN
409 85906 Danny da Costa 187.0 NaN
411 93651 Marcel Schuhen 188.0 NaN
420 126634 Francesco Rossi 193.0 NaN
422 129444 David López 185.0 NaN
423 129991 Bart Vriends 188.0 NaN
425 131740 Nermin Zolotic 189.0 NaN
434 149729 João Mário 179.0 NaN
435 156618 Maxime Colin 180.0 NaN
436 157178 Ali Şaşal Vural 187.0 NaN
437 157912 Nicolai Geertsen 185.0 NaN
439 164913 Soualiho Meïté 187.0 NaN
443 169368 Ohi Omoijuanfo 188.0 NaN
446 179643 Vladimir Darida 172.0 NaN
460 215649 Mirko Maric 188.0 NaN
461 215977 Adrien Thomasson 175.0 NaN
462 221958 Roman Yaremchuk 191.0 NaN
478 265324 Victor Edvardsen 185.0 NaN
480 271495 Abdülkadir Ömür 168.0 NaN
481 272261 Antonin Barak 190.0 NaN
482 272539 David Bates 193.0 NaN
487 282954 Frederik Brandhof 182.0 NaN
488 283871 Florian Dietz 190.0 NaN
492 286908 Tiago Sá 186.0 NaN
495 288858 Murat Paluli 175.0 NaN
496 289446 Yerry Mina 195.0 NaN
497 290391 Nuno Santos 177.0 NaN
498 290405 Edgar Babayan 180.0 NaN
500 295755 Georgios Saramantas 170.0 NaN
502 302371 Toni Martínez 187.0 NaN
504 306382 Benjamin Tetteh 193.0 NaN
505 314944 Ricardo Mangas 179.0 NaN
506 319162 Ayo Obileye 191.0 NaN
509 327911 Felipe Pires 178.0 NaN
524 356099 Cristián Borja 179.0 NaN
526 357992 Raoul Bellanova 188.0 NaN
531 366194 Abdurrahim Dursun 176.0 NaN
543 384802 Andreas Smed 182.0 NaN
550 399257 Cammy MacPherson 173.0 NaN
558 420884 Hugo Cuypers 185.0 NaN
560 425306 Matt Turner 191.0 NaN
561 443338 Alisson Safira 185.0 NaN
563 451858 Rui Costa 179.0 NaN
568 465565 Dimitrije Kamenović 188.0 NaN
571 467992 Samuele Ricci 181.0 NaN
579 490609 Lasse Rieß 191.0 NaN
582 520530 Fali Candé 184.0 NaN
584 533295 Patrick Wimmer 182.0 NaN
586 535881 Mattia Chiesa 190.0 NaN
589 541601 Sören Tengstedt 187.0 NaN
591 551695 Lassina Traoré 183.0 NaN
592 556038 Nathaniel Atkinson 181.0 NaN
598 569632 Mads Hansen 188.0 NaN
599 575319 Kandet Diawara 180.0 NaN
602 587002 Myles Peart-Harris 187.0 NaN
603 592387 Sebastian Sebulonsen 187.0 NaN
607 616885 Taha Şahin 178.0 NaN
609 620477 Kaio Jorge 182.0 NaN
611 622830 Hasan Emre Yeşilyurt NaN 50000.0
613 623524 Carlos Dotor 180.0 NaN
614 624913 Parfait Guiagon 169.0 NaN
615 625657 Unai Marrero 189.0 NaN
617 639368 Dylan van Wageningen NaN NaN
618 641153 Né Lopes 185.0 NaN
623 655006 Diego Moreira 179.0 NaN
625 658531 Mohamed Diomande 183.0 NaN
630 683804 Asbjörn Böndergaard NaN NaN
634 696589 Tim Iroegbunam 183.0 NaN
643 726016 Denys Shostak 190.0 NaN
644 726860 Jay Turner-Cooke NaN NaN
645 727152 Hamza Akman 170.0 NaN
647 729781 Vladyslav Veleten 176.0 NaN
648 734425 Michael Olakigbe NaN NaN
649 735347 Konstantinos Kyriazis 188.0 NaN
651 749552 Alieu Fadera 182.0 NaN
655 771912 Ilya Gulko 183.0 NaN
656 776067 Tudor Mendel-Idowu 180.0 NaN
660 810846 Kaylen Reitmaier 197.0 NaN
661 810895 Eliesse Ben Seghir 178.0 NaN
662 825441 Romaric Etonde NaN NaN
663 840836 Hélio Varela 176.0 NaN
664 842338 Enzo Tchato 182.0 NaN
665 851804 Mateo Tanlongo 177.0 NaN
669 911644 Ilya Olkhovyi 199.0 NaN
671 12880 Dimitrios Sotiriou 185.0 NaN
677 56331 Bas Dost 196.0 NaN
685 51174 Fernando 183.0 NaN
686 55619 Nordin Amrabat 179.0 NaN
690 71271 Adrián 190.0 NaN
691 72522 Luuk de Jong 188.0 NaN
692 73564 Jason Steele 188.0 NaN
694 96043 Mikael Dyrestam 188.0 NaN
700 159088 Robert Andrich 187.0 NaN
702 168830 Igor Medynskyi 173.0 NaN
705 196231 Marvin Friedrich 193.0 NaN
706 201671 Igor Perduta 176.0 NaN
707 205927 Dominik Livakovic 188.0 NaN
722 393241 Godfried Roemeratoe 178.0 NaN
730 548270 Furkan Bayır 188.0 NaN
733 596153 Justin Njinmah 185.0 NaN
735 638365 Ivan Budachev 193.0 NaN
737 666616 Olakunle Olusegun 167.0 NaN
738 686059 Ivan Kuzmichev 196.0 NaN
740 696027 Ayman Aourir 172.0 NaN
741 717390 Anton Tsarenko 162.0 NaN
752 196524 Sinan Gümüş 179.0 NaN
755 318426 Ivan Ignatjev 180.0 NaN
759 537611 Doğukan Özkan NaN 50000.0
761 591619 Vladimir Arsic 192.0 NaN
764 92571 Aaron Cresswell NaN 50000.0
767 104597 Bram Nuytinck 191.0 NaN
769 116471 Hobie Verhulst 192.0 NaN
773 123682 Callum Wilson 180.0 NaN
775 129554 Steven Berghuis 182.0 NaN
783 170986 Raphaël Guerreiro 170.0 NaN
784 171679 Matt Doherty 185.0 NaN
789 177843 Domenico Berardi 183.0 NaN
790 177860 Scott Bitsindou 194.0 NaN
793 181783 Cláudio Winck 184.0 NaN
794 182891 Thomas Didillon 193.0 NaN
797 187024 Evgeniy Chernov 180.0 NaN
799 187587 Ante Rebic 185.0 NaN
803 195488 Paulo Gazzaniga 195.0 NaN
810 207006 Joshua Brenet 181.0 NaN
812 213268 Alireza Jahanbakhsh 181.0 NaN
813 215810 Tom King 194.0 NaN
815 216569 Jérémie Boga 172.0 NaN
820 225151 Rafael Barbosa 173.0 NaN
821 230818 Fabian Rüdlin 176.0 NaN
823 232463 Luca Pfeiffer 196.0 NaN
824 234189 Mahmoud Trezeguet 179.0 NaN
825 235780 Mark O’Hara NaN 50000.0
827 238639 Steve Mounié 190.0 NaN
830 246291 Diego Llorente 186.0 NaN
838 258027 Renato Sanches 176.0 NaN
842 267396 Igor Kalinin 185.0 NaN
849 283227 Rasmus Nicolaisen 191.0 NaN
850 284854 Carles Aleñá 180.0 NaN
852 292396 Valeriy Yurchuk 187.0 NaN
861 304338 Flosard Malçi 180.0 NaN
866 314210 Tom Davies 180.0 NaN
868 315289 Myrto Uzuni 178.0 NaN
869 316264 Martin Ødegaard 178.0 NaN
871 318528 Marcus Thuram 192.0 NaN
887 346561 Luca Ranieri 187.0 NaN
888 346707 Sean Longstaff 187.0 NaN
892 357149 Paulo Estrela 171.0 NaN
893 357233 Leandro Barreiro 174.0 NaN
899 372712 Ibrahima Sissoko 193.0 NaN
901 374326 Oliver Valaker Edvardsen NaN NaN
914 400649 Roman Kvet NaN 100000.0
916 401931 Jô 192.0 NaN
919 406634 Matt O’Riley 189.0 NaN
920 416479 Alexandros Voilis 187.0 NaN
921 420002 Jean-Philippe Mateta 192.0 NaN
922 420064 Caio Henrique 178.0 NaN
925 423606 Bogdan Lednev 173.0 NaN
926 433388 Matej Maglica 198.0 NaN
929 448471 Magnus Jensen 196.0 NaN
931 454567 Orkun Kökçü 175.0 NaN
932 455728 Nichita Motpan 177.0 NaN
933 456492 Faride Alidou 186.0 NaN
935 460845 Siemen Voet 190.0 NaN
937 462838 Oliver Villadsen 173.0 NaN
939 468249 Vitinho 174.0 NaN
948 512913 Stephen Eustaquio 177.0 NaN
956 542415 Marcus Lindberg NaN 100000.0
958 549566 Sam McClelland 191.0 NaN
961 555076 Romain Faivre 180.0 NaN
966 569366 Enzo Millot 174.0 NaN
967 571149 Gjivai Zechiël NaN NaN
970 578544 Noah Naujoks 183.0 NaN
972 580195 Jamal Musiala 184.0 NaN
974 583906 Noah Dodeigne NaN 50000.0
975 596884 Adrián Butzke 193.0 NaN
977 606810 Max Sheaf 183.0 NaN
981 621391 Murat Akşit NaN 50000.0
994 654099 Diogo Nascimento 166.0 NaN
998 665048 Arseniy Batagov 185.0 NaN
999 668547 Máximo Perrone 177.0 NaN
1002 671652 Gustavo Henrique 176.0 NaN
1007 690624 Sven Jansen 192.0 NaN
1008 693352 Iron Gomis 182.0 NaN
1010 696893 Richard Taylor 189.0 NaN
1012 699980 Enis Destan 186.0 NaN
1013 704075 Gijs Besselink 180.0 NaN
1017 726485 Nikolaos Tropoulos 180.0 NaN
1018 726705 Samuel Justo 178.0 NaN
1020 742521 Jhon Solís 186.0 NaN
1023 746712 Pietro Comuzzo NaN 150000.0
1025 774769 Jordan Semedo NaN 100000.0
1026 790482 Flip Klomp 185.0 NaN
1027 795274 Mayckel Lahdo 171.0 NaN
1030 807128 Saïdou Sow 185.0 NaN
1032 812659 Muhammed Eren Arıkan NaN 50000.0
1033 815078 Jordy Makengo 191.0 NaN
1035 819798 Jacob Andersen NaN 200000.0
1036 837329 Jean N’Guessan 177.0 NaN
1037 842465 Deniz Dilmen 200.0 NaN
1039 869063 Thomas Luciano 180.0 NaN
1041 880054 Trivante Stewart 183.0 NaN
1042 880245 Mateus Fernandes 178.0 NaN
1043 892823 Marios Sofianos 175.0 NaN
1044 906307 Diogo Dias 188.0 NaN
1048 929347 Imran Nazih NaN 25000.0
1055 1005240 Christian Mawissa Elebi 180.0 NaN
1056 1020670 Emirhan Yiğit NaN 50000.0
1059 1053147 Mahamadou Diawara 187.0 NaN
1060 1084065 Arielson 180.0 NaN
1061 1137664 Oumar Diouf 180.0 NaN
1062 12282 Daley Blind 180.0 NaN
1067 32113 Armando Izzo 183.0 NaN
1068 33480 Davino Verhulst 193.0 NaN
1071 42717 Jo Coppens 190.0 NaN
1076 55099 Nicolas Höfler 181.0 NaN
1078 59136 Maksym Zhychykov 180.0 NaN
1079 61336 Brian Hamalainen 176.0 NaN
1087 88755 Kevin De Bruyne 181.0 NaN
1096 114422 Günay Güvenç 187.0 NaN
1103 124577 Jordan White 193.0 NaN
1104 124628 Koen Van Langendonck 185.0 NaN
1108 128223 Álvaro Morata 189.0 NaN
1112 129513 Alexandru Maxim 177.0 NaN
1119 206888 Georgiy Bushchan 196.0 NaN
1120 207877 Ruslan Malinovskyi 181.0 NaN
1121 216603 İrfan Can Kahveci 176.0 NaN
1123 235339 Dmitriy Chistyakov 185.0 NaN
1124 252641 Pione Sisto 172.0 NaN
1125 273341 Valeriy Kucherov 175.0 NaN
1126 285283 Ross Doohan 186.0 NaN
1129 328455 Juriën Gaari 183.0 NaN
1130 337092 Tim Siersleben 187.0 NaN
1131 340205 Gorka Guruzeta 188.0 NaN
1134 361074 Peer Koopmeiners 186.0 NaN
1138 433188 Curtis Jones 185.0 NaN
1143 488768 Ilias Takidine NaN NaN
1148 522714 Anderson Silva 186.0 NaN
1153 576021 Stanislav Sharay 175.0 NaN
1154 580434 Tobe Leysen 189.0 NaN
1159 662148 Eray Güneş 181.0 NaN
1160 679414 Antonio Satriano 185.0 NaN
1170 874759 Eren Berberoğlu NaN NaN
1172 934034 Dimitrios Metaxas NaN 50000.0
1174 4391 Boy Waterman 188.0 NaN
1182 85791 Stefan Lainer 175.0 NaN
1185 143852 Nikolaos Marinakis 178.0 NaN
1188 159372 Felipe Anderson 175.0 NaN
1194 177547 Matheus 190.0 NaN
1196 181477 Thievy Bifouma NaN NaN
1197 186590 John Stones 188.0 NaN
1204 203516 Nuke Mfulu 183.0 NaN
1205 204045 Beka Vachiberadze 171.0 NaN
1208 206912 Jimmy Cabot 164.0 NaN
1212 216375 Felipe Avenatti 197.0 NaN
1218 237436 Mathias Greve 186.0 NaN
1222 251309 Dennis Geiger 173.0 NaN
1225 256680 Juanpi 176.0 NaN
1230 262365 Antonio Puertas 183.0 NaN
1234 274039 Morten Behrens 193.0 NaN
1239 285845 Ainsley Maitland-Niles 180.0 NaN
1241 287579 Sofyan Amrabat 185.0 NaN
1249 289791 Kieran O’Hara 193.0 NaN
1252 291941 Carraça 177.0 NaN
1255 293569 Josh Brownhill 179.0 NaN
1260 321417 Mykyta Tatarkov 178.0 NaN
1264 329813 João Virgínia 192.0 NaN
1266 333383 Bonke Innocent 178.0 NaN
1267 334207 Maxim Leitsch 189.0 NaN
1274 340166 Alessio Castro-Montes 175.0 NaN
1275 340531 Ronaldo Tavares 194.0 NaN
1281 342702 Michel Vlap 190.0 NaN
1282 344393 Lumor 175.0 NaN
1284 345590 Jens Odgaard 188.0 NaN
1285 352015 Miguel Carvalho 189.0 NaN
1290 369111 Georgios Tzovaras 186.0 NaN
1296 381833 Nail Umyarov 182.0 NaN
1298 385412 Jordan Amissah 198.0 NaN
1300 386914 Sam Lammers 191.0 NaN
1304 396342 Toni Borevkovic 193.0 NaN
1315 422950 Mads Emil Madsen 189.0 NaN
1320 428920 Kevin Mac Allister 175.0 NaN
1321 432090 Nicolò Fagioli 178.0 NaN
1324 438682 Daniel Fuzato 190.0 NaN
1331 463618 Khéphren Thuram 192.0 NaN
1337 469958 Jacob Brown 178.0 NaN
1338 476836 Aron Dønnum 178.0 NaN
1341 483063 Berat Özdemir 187.0 NaN
1346 490760 Tchamba 191.0 NaN
1347 492319 Franco Israel 190.0 NaN
1351 499759 Ola Brynhildsen 175.0 NaN
1354 503625 Adrian Kappenberger 194.0 NaN
1355 504503 João Mendes 183.0 NaN
1359 520662 Pepê 175.0 NaN
1361 521127 Ayoub El Kaabi 182.0 NaN
1364 527698 Kike Pérez 184.0 NaN
1366 534528 Yusuf Lawal 175.0 NaN
1378 569056 Jean-Morel Poé 184.0 NaN
1382 584231 Egor Teslenko 192.0 NaN
1384 594997 Yohann Magnin 183.0 NaN
1391 612130 Fredrik Carlsen 193.0 NaN
1394 622992 Pablo Gozálbez NaN NaN
1401 633992 Enzo Le Fée 173.0 NaN
1404 648020 Alexsandro 189.0 NaN
1408 661053 Jarrad Branthwaite 195.0 NaN
1409 662261 Rafa Marín 191.0 NaN
1410 666924 Algassime Bah 182.0 NaN
1411 666977 Aliou Baldé 170.0 NaN
1419 684159 Kevin Rodríguez 190.0 NaN
1425 701325 Bruno Onyemaechi 184.0 NaN
1427 706860 Mitchy Ntelo 188.0 NaN
1431 722377 Matjaz Kamensek-Pahic 189.0 NaN
1432 725816 Bernt Klaverboer 190.0 NaN
1436 732206 Georgie Gent NaN NaN
1438 740615 Isaac Nuhu 171.0 NaN
1443 755174 Danyil Alefirenko 176.0 NaN
1444 762387 Khusrav Toirov 181.0 NaN
1445 765468 Milan de Haan NaN NaN
1446 774067 Igor Gorbach 183.0 NaN
1450 808224 Andres Sfait NaN NaN
1451 817700 Igor Dmitriev 183.0 NaN
1452 818247 Fran Pereira 185.0 NaN
1453 820241 Damion Downs NaN 50000.0
1458 854853 Tom Davies NaN 50000.0
1459 870435 Théo Gécé NaN 75000.0
1460 875337 Ege Tıknaz 193.0 NaN
1461 896156 Nikolaos Lolis NaN 50000.0
1464 33862 Sinan Bolat 186.0 NaN
1466 45494 Wayne Hennessey 198.0 NaN
1467 46180 Zoran Tosic 171.0 NaN
1474 55735 Henrikh Mkhitaryan 177.0 NaN
1475 56354 Andreas Bjelland 188.0 NaN
1481 68390 Seamus Coleman 177.0 NaN
1483 70580 Raffaele Di Gennaro 188.0 NaN
1491 93730 Alexandre Letellier 193.0 NaN
1492 94922 Bogdan Butko 182.0 NaN
1495 112930 Benito Raman 169.0 NaN
1500 124902 Khouma Babacar 185.0 NaN
1501 126557 Jonathan Gradit 180.0 NaN
1502 127032 Serge Aurier 176.0 NaN
1503 129585 Guillaume Hubert 198.0 NaN
1504 134277 Julian Jeanvier 183.0 NaN
1508 153084 Leon Goretzka 189.0 NaN
1510 157509 Kurt Zouma 190.0 NaN
1514 168471 Renaud Emond 185.0 NaN
1516 176409 Igor Duts 189.0 NaN
1517 181382 Abdoulaye Touré 188.0 NaN
1520 187188 Bas Kuipers 180.0 NaN
1521 148455 Mohamed Salah 175.0 NaN
1532 243225 Samuel Mraz 183.0 NaN
1533 256178 Joe Gomez 188.0 NaN
1535 295178 Ardit Toli 178.0 NaN
1537 315779 Christian Pulisic 177.0 NaN
1538 356197 Alfonso Pedraza 184.0 NaN
1541 393323 Brenden Aaronson 177.0 NaN
1545 443308 Reuven Niemeijer 178.0 NaN
1546 455758 Ivan Kostic 191.0 NaN
1547 457244 Juan Manuel García 183.0 NaN
1550 491960 Benito 180.0 NaN
1551 502288 Bryan Limbombe 172.0 NaN
1552 505969 Yunus Bahadır 180.0 NaN
1553 512994 Jack MacKenzie 191.0 NaN
1555 522328 Vitaliy Grusha 178.0 NaN
1556 534477 Bogdan Ovsyannikov 189.0 NaN
1557 607173 Jordi Altena NaN NaN
1562 673998 Yuriy Zheleznov 177.0 NaN
1564 709187 Nico Williams 181.0 NaN
1565 726014 Maksym Dyachuk 185.0 NaN
1567 730573 Faiz Mattoir 169.0 NaN
1568 738478 Jason van Duiven 175.0 NaN
1570 805149 Giovanni van Zwam NaN NaN
1571 806948 Frank Feller 183.0 NaN
1572 28140 Max Gradel 175.0 NaN
1575 82009 Kevin Volland 179.0 NaN
1577 95950 Graeme Shinnie NaN 50000.0
1578 111961 Suso 177.0 NaN
1580 126751 Iñigo Ruiz de Galarreta 175.0 NaN
1581 133731 Patrick Mainka 194.0 NaN
1582 165007 Denis Suárez 176.0 NaN
1583 167329 Alassane Plea 181.0 NaN
1584 176139 Mattia Bani 188.0 NaN
1585 182870 Fidan Aliti 186.0 NaN
1586 182906 Mike Maignan 191.0 NaN
1591 195605 José Pozo 171.0 NaN
1592 195778 Alexander Nübel 193.0 NaN
1595 201737 Christopher Jullien 196.0 NaN
1597 205023 Rai Vloet 188.0 NaN
1601 212229 Halil Akbunar 167.0 NaN
1602 214056 Daniel Amartey 186.0 NaN
1605 221322 José Gayà 172.0 NaN
1607 221992 Anton Shvets 190.0 NaN
1609 223979 Xaver Schlager 174.0 NaN
1611 225873 Karol Linetty 175.0 NaN
1617 237226 Marvin Mehlem 174.0 NaN
1618 238058 Renato Gojkovic 195.0 NaN
1621 245228 Tarik Tissoudali 182.0 NaN
1626 251848 Iñigo Córdoba 180.0 NaN
1629 256448 Gianluca Mancini 190.0 NaN
1630 263380 Attila Szalai 192.0 NaN
1637 277777 Andriy Totovytskyi 187.0 NaN
1644 286779 Jorge Meré 182.0 NaN
1646 291939 Samu 170.0 NaN
1649 313078 Shahrudin Mahammadaliyev 185.0 NaN
1653 321195 Ondrej Lingr 175.0 NaN
1654 324278 Christoph Baumgartner 180.0 NaN
1657 332889 Valentin Rongier 172.0 NaN
1661 341272 Alejandro Pozo 173.0 NaN
1663 343184 Sylla Sow 182.0 NaN
1666 344299 Bakhtiyor Zaynutdinov 183.0 NaN
1667 344596 Malang Sarr 183.0 NaN
1675 358132 Jan Kral 194.0 NaN
1676 361065 Mitchel Bakker 185.0 NaN
1680 369319 Dylan Vente 185.0 NaN
1681 369554 Mats Deijl 181.0 NaN
1685 372711 Amine Harit 180.0 NaN
1686 373714 Wuilker Fariñez 180.0 NaN
1687 379249 Matheus Reis 184.0 NaN
1688 379315 Edgaras Utkus NaN 250000.0
1690 381348 Daniel Mancini 172.0 NaN
1703 399844 Aleksandar Busnic 191.0 NaN
1707 415816 Diallang Jaiyesimi 181.0 NaN
1715 443363 Okan Erdoğan 185.0 NaN
1719 453376 Joseph Okumu 190.0 NaN
1720 454574 Peter Urminsky 198.0 NaN
1722 461670 Bogdan Biloshevskyi 187.0 NaN
1728 472423 Reece James 180.0 NaN
1730 480453 Jay Gorter 190.0 NaN
1734 490223 Ibrahima Koné 190.0 NaN
1740 520492 Paulinho 178.0 NaN
1744 526578 Vladyslav Vakula 173.0 NaN
1745 527026 Ricardo Velho 188.0 NaN
1752 549027 Martim Neto 185.0 NaN
1755 562948 Hyun-seok Hong 177.0 NaN
1761 581782 Andriy Shtogrin 182.0 NaN
1763 587906 Alperen Çaylak 178.0 NaN
1765 588649 Robin Østrøm 188.0 NaN
1767 591363 Daan Rots 179.0 NaN
1770 606752 Rodrigo Zalazar 178.0 NaN
1771 609556 William Osula 186.0 NaN
1774 631007 Filippo Terracciano 181.0 NaN
1775 634431 Beñat Turrientes 181.0 NaN
1778 646894 Sergey Pryakhin 175.0 NaN
1779 652537 Gue-sung Cho 189.0 NaN
1781 658848 Jesús Castillo 185.0 NaN
1783 660746 Fedde Leysen 191.0 NaN
1793 696181 Romaine Mundle NaN 300000.0
1795 704772 Rome Jayden Owusu-Oduro NaN NaN
1799 718303 Ernest Poku 176.0 NaN
1800 718409 Vladyslav Pogorilyi 183.0 NaN
1802 724129 Matias Fernandez-Pardo 183.0 NaN
1803 727528 Robert-Jan Vanwesemael 176.0 NaN
1807 743379 Lucas Noubi 180.0 NaN
1810 743589 Kaiky 186.0 NaN
1812 764863 Richie Omorowa NaN NaN
1814 775981 Arthur Piedfort 180.0 NaN
1816 802986 Justin Bengui Joao 190.0 NaN
1817 804652 Nicholas Beetson NaN 50000.0
1818 807689 Frank Magri 178.0 NaN
1819 808646 Raphaël Eyongo NaN NaN
1822 820474 Zakaria El Ouahdi NaN 150000.0
1831 928276 Sergiy Kopyl 175.0 NaN
1834 982545 Lucas Flores 196.0 NaN
1836 1046796 Diego Gustavo NaN 25000.0
1837 1070508 Irsan Muric 190.0 NaN
1839 1083965 Juan Alvina 165.0 NaN
1841 1110406 Ibrahim Osman NaN NaN
1843 16756 Oleg Ivanov 192.0 NaN
1844 16911 Kasper Schmeichel 189.0 NaN
1849 41355 Ricky van Wolfswinkel 186.0 NaN
1851 46104 Stevan Jovetic 183.0 NaN
1855 57071 Péter Gulácsi 190.0 NaN
1856 57216 Ismaël Traoré 184.0 NaN
1863 81649 Sergiy Rybalka 176.0 NaN
1874 124895 Bart Schenkeveld 184.0 NaN
1881 136401 Daniel Bentley 193.0 NaN
1884 137648 Sverrir Ingi Ingason 188.0 NaN
1885 143812 Matías Vecino 187.0 NaN
1886 146854 Wissam Ben Yedder 170.0 NaN
1889 152733 Onur Bulut 179.0 NaN
1892 160241 Kevin Akpoguma 192.0 NaN
1893 164771 Jordan Veretout 177.0 NaN
1896 173835 Esmaël Gonçalves 184.0 NaN
1899 182877 Anthony Martial 181.0 NaN
1902 188335 Marko Bakic 186.0 NaN
1906 192279 Kepa Arrizabalaga 188.0 NaN
1907 193004 Waldemar Anton 189.0 NaN
1909 203412 Andreas Cornelius 193.0 NaN
1910 203716 Adrián Colombino 177.0 NaN
1911 203869 Alex Samuel 183.0 NaN
1917 230222 Álvaro Lemos 177.0 NaN
1918 230457 Bruno Gaspar 180.0 NaN
1921 215864 Mijat Gacinovic 175.0 NaN
1923 247633 Raz Meir 180.0 NaN
1928 300168 Mikel Vesga 191.0 NaN
1941 395677 Yann Kitala 186.0 NaN
1943 412954 Vicente Besuijen 169.0 NaN
1946 471691 Joey Kesting NaN 25000.0
1951 548111 Álex Baena 174.0 NaN
1953 574660 Strahinja Erakovic 188.0 NaN
1955 585323 Filip Jörgensen 190.0 NaN
1957 607164 Enzo Cornelisse NaN 50000.0
1958 613725 İsmail Yüksek 183.0 NaN
1963 707802 Nachon Nsingi 176.0 NaN
1964 714460 Ryan Duncan NaN 75000.0
1967 813437 Isaac Babadi NaN 500000.0
1969 824353 Seedy Jarju 180.0 NaN
1971 971613 Dante Polvara 193.0 NaN
1972 983989 Facundo Buonanotte 174.0 NaN
1973 1030525 Mats Egbring NaN NaN
1980 85543 Niklas Lomb 186.0 NaN
1981 107775 Frederik Rönnow 188.0 NaN
1986 147846 Nicolas Isimat-Mirin 187.0 NaN
1989 181547 Gonçalo Paciência 184.0 NaN
1992 224164 Rostyslav Taranukha 178.0 NaN
2000 656132 Aske Adelgaard NaN 300000.0
2001 719857 Mustafa Erdilman NaN 75000.0
2002 741931 Max Ejdum NaN 50000.0
2003 750903 Jaouen Hadjam 184.0 NaN
2004 831948 Berat Pınar NaN 25000.0
2008 83560 Muhammet Demir 180.0 NaN
2009 99047 Sokol Cikalleshi 187.0 NaN
2010 148485 Timofey Margasov 181.0 NaN
2011 192735 Stanislav Lobotka 170.0 NaN
2012 213555 Zymer Bytyqi 176.0 NaN
2018 248999 Lucas Höler 184.0 NaN
2020 250153 Pasquale Mazzocchi 183.0 NaN
2022 253210 Nicolai Poulsen 176.0 NaN
2023 253316 Lebogang Phiri 173.0 NaN
2032 265153 Aleksandr Selikhov 190.0 NaN
2033 268327 Mathias Rasmussen 180.0 NaN
2037 279570 Daler Kuzyaev 182.0 NaN
2040 287920 Tim Skarke 181.0 NaN
2042 290249 Mauro Arambarri 175.0 NaN
2044 292199 Uğurcan Çakır 191.0 NaN
2046 293200 Nikola Vlašić 179.0 NaN
2054 315853 Alessandro Bastoni 190.0 NaN
2064 339556 Rico Henry 170.0 NaN
2067 344008 Ryan Leak 191.0 NaN
2069 345886 Rubén Vargas 179.0 NaN
2076 360140 Majeed Ashimeru 174.0 NaN
2079 361914 Nayef Aguerd 190.0 NaN
2087 374212 Gijs Smal 183.0 NaN
2093 387990 Tom Vandenberghe 190.0 NaN
2097 392591 Chiedozie Ogbene 181.0 NaN
2098 392655 Bogdan Milovanov 178.0 NaN
2099 394688 Håkon Evjen 183.0 NaN
2100 394694 Sergio Ruiz 176.0 NaN
2102 404839 Andriy Lunin 191.0 NaN
2103 409344 Calvin Stengs 187.0 NaN
2110 430190 Yegor Nazaryna 183.0 NaN
2112 435648 Joshua Zirkzee 193.0 NaN
2116 450234 Marco John 184.0 NaN
2117 450936 Tanguy Ndombélé 181.0 NaN
2120 456523 Eder González 170.0 NaN
2122 461496 Morten Hjulmand 185.0 NaN
2124 463320 Joel Graterol 182.0 NaN
2127 468332 Ismael 184.0 NaN
2129 475413 Sacha Boey 178.0 NaN
2131 481117 Othmane Boussaid 166.0 NaN
2133 485582 Sontje Hansen 173.0 NaN
2136 490606 Lucas Bergström 205.0 NaN
2137 491648 Diego Valencia 185.0 NaN
2138 493702 Mattia Viti 190.0 NaN
2143 502676 Giorgi Mamardashvili 197.0 NaN
2146 513031 Antonio Sánchez 179.0 NaN
2147 514290 Toshio Lake NaN NaN
2149 520517 Mihail Ghecev 178.0 NaN
2151 523907 Danylo Beskorovaynyi 194.0 NaN
2156 525704 Nicolò Rovella 179.0 NaN
2157 526111 Alex Méndez 178.0 NaN
2164 542762 Anders Klynge 175.0 NaN
2165 543051 Billal Brahimi 183.0 NaN
2168 555500 Jorge Herrando 192.0 NaN
2176 573981 Cemali Sertel 186.0 NaN
2179 578804 Sven Mijnans 190.0 NaN
2182 594273 Jeremy Antonisse 184.0 NaN
2183 595940 Zico Buurmeester NaN NaN
2192 612826 Silas 189.0 NaN
2194 627226 Reinier 185.0 NaN
2197 646704 Maxim Dekker NaN 25000.0
2198 647950 Valentine Ozornwafor 194.0 NaN
2203 665971 Jonas Nickisch 190.0 NaN
2205 670847 Mohamed-Ali Cho 182.0 NaN
2206 671543 Daniel Macej NaN 25000.0
2213 690273 Bernardo Vital 187.0 NaN
2214 697278 Charlie Webster NaN NaN
2218 711999 Lesley Ugochukwu 191.0 NaN
2221 726038 Vitaliy Roman 178.0 NaN
2222 728516 Lovro Stubljar NaN 200000.0
2223 731879 Hernâni 178.0 NaN
2224 735416 Nikolaos Grammatikakis NaN 50000.0
2227 744416 Matías Pérez 177.0 NaN
2229 746838 Zach Booth NaN NaN
2232 790245 Henrik Heggheim 189.0 NaN
2235 801463 Rodrigo Macedo 181.0 NaN
2236 805835 Rémy Vita 170.0 NaN
2237 812625 Agustín Álvarez 177.0 NaN
2239 815028 Panagiotis Anastasopoulos NaN NaN
2243 848762 Ahmet Kağan Malatyalı 180.0 NaN
2244 869067 Oliver Braude NaN NaN
2245 875608 Laurits Pedersen NaN NaN
2247 903666 Ethan Mbappé 176.0 NaN
2248 926952 Patrick Dorgu 185.0 NaN
2252 1034646 Andréa Librici 181.0 NaN
2255 1157759 Luca Chavet NaN NaN
2256 25488 Antonio Candreva 180.0 NaN
2265 56818 Morgan Schneiderlin 186.0 NaN
2266 57723 Iván Marcano 189.0 NaN
2269 58864 Pierre-Emerick Aubameyang 187.0 NaN
2273 61842 Andros Townsend 181.0 NaN
2275 65467 Vicente Iborra 190.0 NaN
2278 72047 Iago Aspas 176.0 NaN
2284 88684 Giulio Donati 178.0 NaN
2290 119277 Yannick Gerhardt 184.0 NaN
2291 121324 John Egan 185.0 NaN
2292 124419 Odysseas Vlachodimos 191.0 NaN
2295 129592 Julien De Sart 187.0 NaN
2296 130616 Igor Rossi 189.0 NaN
2302 142208 Emil Bergström 188.0 NaN
2305 144583 Denis Terentjev 181.0 NaN
2307 149716 Ivan Cavaleiro 175.0 NaN
2310 160117 Tobias Thomsen 183.0 NaN
2311 163656 Connor Goldson 191.0 NaN
2316 173859 Davide Zappacosta 182.0 NaN
2325 184894 Alfred Duncan 178.0 NaN
2326 186337 Stephen O’Donnell 184.0 NaN
2331 198006 Rafa Soares 177.0 NaN
2332 202278 Flavien Tait 176.0 NaN
2334 207742 Tom Lockyer 185.0 NaN
2340 234029 Grischa Prömel 184.0 NaN
2342 235355 Alhaji Kamara 180.0 NaN
2345 239647 Aiyegun Tosin 179.0 NaN
2346 240408 Samúel Fridjónsson 186.0 NaN
2357 282672 Benito Ramírez 179.0 NaN
2363 257462 Luka Jović 182.0 NaN
2365 263361 Maximilian Wöber 188.0 NaN
2367 266768 Nicolas Moumi Ngamaleu 181.0 NaN
2374 334042 Orbelín Pineda 169.0 NaN
2375 338425 Álex Berenguer 175.0 NaN
2378 353922 Mert Müldür 184.0 NaN
2379 354259 Ulaş Zengin 190.0 NaN
2384 408574 Joey Veerman 185.0 NaN
2387 467434 Rocco Reitz 176.0 NaN
2393 534015 Nordin Bakker 196.0 NaN
2394 546543 Darwin Núñez 187.0 NaN
2395 581357 Jan Schöppner 190.0 NaN
2398 617460 Slobodan Rubezic 194.0 NaN
2401 633647 Tom Ritchie 182.0 NaN
2403 718152 Otso Liimatta 169.0 NaN
2404 718758 Georgiy Harutyunyan 189.0 NaN
2406 727023 Shayden Morris NaN 150000.0
2413 865281 Jochem Ritmeester van de Kamp NaN 25000.0
2415 43824 Kevin Müller 190.0 NaN
2416 49016 Yevgen Past 188.0 NaN
2418 59322 Oleksandr Karavaev 175.0 NaN
2425 148215 Nicky Devlin NaN 50000.0
2427 200475 Florin Nita 184.0 NaN
2432 287792 Oleksandr Tymchyk 180.0 NaN
2434 289257 Jon Guridi 179.0 NaN
2436 290613 Jean-Baptiste Léo 192.0 NaN
2437 292820 Aloïs Confais 174.0 NaN
2438 293998 Onur Ergün 185.0 NaN
2446 315125 Javairô Dilrosun 175.0 NaN
2448 319745 Dani Ceballos 179.0 NaN
2450 321158 Simon Olsson 185.0 NaN
2453 333859 Lubambo Musonda 171.0 NaN
2460 344565 Vitaliy Lisakovich 179.0 NaN
2461 344598 Dan-Axel Zagadou 196.0 NaN
2463 348875 Hugo Andersson 196.0 NaN
2467 355501 Amadou Diawara 183.0 NaN
2476 371245 Guilherme Schettine 184.0 NaN
2477 375668 Leon Musaev 182.0 NaN
2479 378293 Yangel Herrera 184.0 NaN
2484 392516 Antonino Gallo 183.0 NaN
2485 392966 Nadir Zortea 175.0 NaN
2487 395522 Samuel Essende 192.0 NaN
2493 407745 Maik Nawrocki 192.0 NaN
2494 412952 Nigel Thomas 177.0 NaN
2495 415642 João Queirós 192.0 NaN
2498 418571 Hamza Rafia 181.0 NaN
2506 432694 Joshua Kitolano 170.0 NaN
2508 433183 Tommy Doyle 172.0 NaN
2509 435228 Ardian Ismajli 185.0 NaN
2517 463613 Yann Gboho 178.0 NaN
2527 486051 Marco Kana 182.0 NaN
2528 487829 Christian Dalle Mura 185.0 NaN
2537 502298 Thomas Van den Keybus 180.0 NaN
2538 507345 Leonidas Stergiou 181.0 NaN
2539 509022 Federico Gatti 190.0 NaN
2541 515050 Ilya Vakhania 178.0 NaN
2549 543382 Mohamed Camara 173.0 NaN
2553 550550 Gonçalo Ramos 185.0 NaN
2556 555015 Ruan Tressoldi 187.0 NaN
2557 559324 Youri Regeer 177.0 NaN
2559 564305 Michel Adopo 187.0 NaN
2563 570781 Ilay Camara 174.0 NaN
2570 598791 Tsuyoshi Watanabe 186.0 NaN
2572 606526 Nikolay Titkov 177.0 NaN
2573 610163 Florent Shehu 185.0 NaN
2577 632901 Miguel Puche 180.0 NaN
2578 636703 Fermín López 174.0 NaN
2580 646708 Mikki van Sas 193.0 NaN
2581 648887 Divaio Bobson 182.0 NaN
2586 662134 Efecan Barlık 193.0 NaN
2594 674798 Gonçalo Franco 176.0 NaN
2595 687630 Kyan Vaesen 190.0 NaN
2601 702441 Sinaly Diomandé 184.0 NaN
2602 707804 Célestin De Schrevel NaN 200000.0
2603 708678 Isaak Touré 206.0 NaN
2605 711996 Warmed Omari 188.0 NaN
2606 715759 Mathias Andreasen NaN 25000.0
2610 740085 Enio 168.0 NaN
2612 752862 Tymur Puzankov 194.0 NaN
2619 807386 Conrad Harder NaN 250000.0
2620 810649 Max Finkgräfe 183.0 NaN
2621 833315 Novatus Miroshi 185.0 NaN
2624 853110 Hyun-jun Yang 176.0 NaN
2628 873440 Eray Korkmaz NaN 25000.0
2630 888023 Kevin Kelsy 193.0 NaN
2631 891998 Antoine Mendy 187.0 NaN
2633 897425 Timo Schlieck 195.0 NaN
2637 937107 Matt Lendfers 190.0 NaN
2638 952730 Kiko 177.0 NaN
2640 984674 Pape Youssou Niang 190.0 NaN
2641 988249 Yağız Dilek 190.0 NaN
2642 1005651 Tornich 194.0 NaN
2644 1020671 Eren Durmuş NaN NaN
2645 1059440 Mustapha Isah NaN 150000.0
2646 1059814 Keliano Manuel 185.0 NaN
2648 1099726 Papa Amadou Diallo 182.0 NaN
2650 1186012 Bakary Haidara NaN NaN
2651 12589 Craig Gordon 193.0 NaN
2652 16306 Casemiro 185.0 NaN
2653 23523 Thomas Mikkelsen 190.0 NaN
2657 33027 Tim Krul 193.0 NaN
2658 35865 Andrea Consigli 189.0 NaN
2661 51894 Mert Günok 196.0 NaN
2662 52059 Zanka 189.0 NaN
2665 61838 Jonathan Obika 182.0 NaN
2679 99254 Luigi Sepe 185.0 NaN
2684 118303 Mehdi Zeffane 176.0 NaN
2685 119031 Kaan Ayhan 185.0 NaN
2686 125868 Pape Souaré 178.0 NaN
2688 126664 Lucas Digne 178.0 NaN
2691 129679 Cheick Doukouré 180.0 NaN
2699 168337 Ahmed Musa 171.0 NaN
2702 181378 Gaëtan Laborde 181.0 NaN
2704 183120 Nikola Storm 178.0 NaN
2705 183720 Anwar El Ghazi 189.0 NaN
2708 188180 Benjamin Verbic 183.0 NaN
2709 190188 Vitaliy Gudiev 192.0 NaN
2712 198722 Zach Muscat 184.0 NaN
2713 199248 Bryan Cristante 186.0 NaN
2715 202591 Benjamin Henrichs 185.0 NaN
2716 203496 Nabil Fekir 173.0 NaN
2721 212430 Diamantis Chouchoumis 183.0 NaN
2723 214666 Connor Roberts 175.0 NaN
2726 225004 Valentín Vada 175.0 NaN
2729 234124 Simon Deli 192.0 NaN
2730 236997 Tiago Silva 172.0 NaN
2733 240578 Luiz Phellype 188.0 NaN
2736 249952 Berkay Özcan 180.0 NaN
2737 251322 Philipp Köhn 190.0 NaN
2740 258475 Nikola Maras 189.0 NaN
2744 268732 João Camacho 174.0 NaN
2745 270171 Vitaly Janelt 184.0 NaN
2746 274484 Youssouf Koné 174.0 NaN
2747 274536 Jaloliddin Masharipov 172.0 NaN
2751 280575 Elvis Rexhbecaj 182.0 NaN
2755 283193 Rezan Corlu 171.0 NaN
2758 288948 Aston Oxborough 196.0 NaN
2759 289472 Mykyta Bezuglyi 186.0 NaN
2761 293169 Josip Brekalo 175.0 NaN
2764 312678 Léo Duarte 183.0 NaN
2768 319623 Pedro Amaral 178.0 NaN
2774 337800 Gedson Fernandes 184.0 NaN
2778 340323 Savvas Mourgos 173.0 NaN
2780 342209 Kévin N’Doram 184.0 NaN
2781 343475 Ben Godfrey 184.0 NaN
2786 354482 Amir Murillo 184.0 NaN
2789 358504 Ritsu Doan 172.0 NaN
2793 288857 Dmitriy Nagiyev 176.0 NaN
2795 315252 Daniil Lesovoy 177.0 NaN
2803 363794 Carlos Eduardo 173.0 NaN
2804 372267 Guus Til 186.0 NaN
2818 522327 Roman Gagun 170.0 NaN
2820 574201 Grant-Leon Ranos 180.0 NaN
2822 624258 Conor Bradley 181.0 NaN
2823 651580 Matvey Kislyak 180.0 NaN
2825 659813 Piero Hincapié 184.0 NaN
2827 771914 Yevgen Pavlyuk 185.0 NaN
2828 787232 David Datro Fofana 180.0 NaN
2829 973704 Thiago Cunha 172.0 NaN
2830 38805 Kirill Nababkin 184.0 NaN
2831 40633 Milan Badelj 186.0 NaN
2832 50655 Efecan Karaca 169.0 NaN
2836 90343 Danny Post NaN NaN
2839 121686 Cristian Gamboa 175.0 NaN
2844 257668 Wilmar Barrios 178.0 NaN
2850 295024 Samet Akaydin 190.0 NaN
2854 347594 Florian Miguel 179.0 NaN
2855 348778 Niclas Thiede 186.0 NaN
2864 440135 Nikita Goylo 189.0 NaN
2867 599634 Marius Elvius 185.0 NaN
2888 381714 Danil Prutsev 174.0 NaN
2892 385918 Aiden O’Neill 178.0 NaN
2897 392569 Gabriele Zappa 187.0 NaN
2898 392770 Angel Gomes 168.0 NaN
2900 394300 Davide Frattesi 178.0 NaN
2910 410735 Jamie Jacobs 182.0 NaN
2917 421873 Elia Caprile 191.0 NaN
2920 428603 Bogdan Kushnirenko 192.0 NaN
2924 431811 Ola Solbakken 186.0 NaN
2930 454149 Yan Marillat 183.0 NaN
2931 459655 Matteo Lovato 188.0 NaN
2938 485960 Lilian Brassier 186.0 NaN
2940 486456 Harpreet Ghotra 180.0 NaN
2954 533318 Nazariy Muravskyi 191.0 NaN
2955 535551 Bartosz Bialek 191.0 NaN
2956 537762 Sergio Arribas 174.0 NaN
2957 537844 Anatoliy Trubin 199.0 NaN
2958 538057 Eliano Reijnders 168.0 NaN
2960 540466 Franco Ferrari 167.0 NaN
2963 554300 Madson 164.0 NaN
2967 564529 Victor Kristiansen 181.0 NaN
2969 566823 Achraf Dari 188.0 NaN
2971 585264 Pedrão 194.0 NaN
2977 609651 Alexandros Tereziou 181.0 NaN
2978 616631 Matteo Ruggeri 187.0 NaN
2979 618898 Erencan Yardımcı 188.0 NaN
2981 623048 Gerasimos Bakadimas 181.0 NaN
2982 623526 Toni Fuidias 195.0 NaN
2986 638649 Femi Seriki 180.0 NaN
2987 648195 Enzo Fernández 178.0 NaN
2990 651205 Luquinha 167.0 NaN
2993 654117 Tamerlan Musaev 186.0 NaN
2994 655019 Timon Vanhoutte 189.0 NaN
2996 655893 Ravil Tagir 185.0 NaN
2998 661205 Daniel Karlsbakk 186.0 NaN
3003 708242 Andriy Buleza 177.0 NaN
3005 709980 Jonathan Hutters NaN 25000.0
3008 724034 Athanasios Karamanis NaN NaN
3010 727079 Emir Tintiş 187.0 NaN
3013 733579 Clayton 184.0 NaN
3014 735822 Hugo Oliveira 174.0 NaN
3020 746358 Daniel Júnior 174.0 NaN
3021 746910 Mohamed Amoura 170.0 NaN
3028 802512 Julius Beck 178.0 NaN
3029 802560 Emil Højlund 185.0 NaN
3030 804884 Ibrahima Baldé 185.0 NaN
3034 860051 Ayoub Amraoui 184.0 NaN
3039 895089 Juliën Mesbahi 181.0 NaN
3040 909254 Macaulay Tait NaN NaN
3043 931838 Hugo Larsson 187.0 NaN
3044 935048 Denys Tvardovskyi 206.0 NaN
3047 957544 Kodai Sano 176.0 NaN
3049 981194 Kobe Corbanie NaN 200000.0
3051 1049151 Dembo Sylla 175.0 NaN
3053 1062741 Gonçalo Miguel 181.0 NaN
3054 1063262 Oskar Annell 190.0 NaN
3055 1070799 Burak Sefa Kavraz NaN NaN
3056 1153785 Luís Pires 188.0 NaN
3061 42942 Georgios Tzavellas 183.0 NaN
3062 43010 Martin Spelmann NaN NaN
3066 53418 Kevin Kampl 178.0 NaN
3071 58358 Thomas Müller 185.0 NaN
3076 70074 Artur Nigmatullin 194.0 NaN
3078 76028 Taison 172.0 NaN
3079 76746 Damián Suárez 173.0 NaN
3080 85127 Hakan Arslan 186.0 NaN
3081 85393 Nicolas Viola 180.0 NaN
3086 97241 Victor Pálsson 186.0 NaN
3092 125781 Antoine Griezmann 176.0 NaN
3093 126625 Juankar 179.0 NaN
3095 127202 Matz Sels 188.0 NaN
3100 143891 Maximilian Philipp 183.0 NaN
3102 144545 Kirill Suslov 186.0 NaN
3106 157507 Adrien Tamèze 182.0 NaN
3107 167859 Stefano Sturaro 181.0 NaN
3109 169260 Vitaliy Yermakov 185.0 NaN
3111 172674 Magnus Fredslund NaN NaN
3113 175639 Jonathan Clauss 178.0 NaN
3114 182712 João Cancelo 182.0 NaN
3115 187291 Sven Nieuwpoort 191.0 NaN
3120 199733 Danilo Cataldi 180.0 NaN
3124 207573 Aristotelis Karasalidis 185.0 NaN
3131 225657 Philipp Lienhart 189.0 NaN
3132 226074 Alen Halilovic 169.0 NaN
3133 226450 Iver Fossum 180.0 NaN
3138 232418 Ondrej Duda 181.0 NaN
3140 236537 Fernando Andrade 182.0 NaN
3142 238654 Jaime Báez 178.0 NaN
3144 241527 Federico Bonazzoli 182.0 NaN
3153 251664 Ivan Toney 185.0 NaN
3157 258005 João Carvalho 172.0 NaN
3159 263801 Kasim Adams 190.0 NaN
3162 265542 Semih Güler 184.0 NaN
3163 266807 Ángel Correa 171.0 NaN
3167 276896 Samuel Gigot 187.0 NaN
3171 281755 Iván Alejo 186.0 NaN
3172 282897 Kristiyan Malinov 170.0 NaN
3174 284857 Marc Cucurella 173.0 NaN
3176 288716 Claudiu Balan 186.0 NaN
3177 288883 Rustam Ashurmatov 186.0 NaN
3183 307058 Mehdi Taremi 185.0 NaN
3188 320259 Sito 180.0 NaN
3189 321204 Michal Sadilek 169.0 NaN
3193 325429 Maksym Zaderaka 171.0 NaN
3198 334526 Denis Zakaria 190.0 NaN
3200 334835 Toma Bašić 190.0 NaN
3203 338629 Sebastiaan Bornauw 191.0 NaN
3204 339501 Aleksandar Radovanović 189.0 NaN
3205 340308 Ilias Chatzitheodoridis 171.0 NaN
3207 341264 Fran García 169.0 NaN
3209 343963 Petar Micin 189.0 NaN
3210 344381 Christopher Nkunku 178.0 NaN
3211 344869 Simon Banza 189.0 NaN
3213 346546 Radoslaw Majecki 193.0 NaN
3214 349608 Abdulsamet Burak 183.0 NaN
3217 355627 Sergio Akieme 175.0 NaN
3218 355761 Giannis Bouzoukis 172.0 NaN
3219 356044 Jorge Sánchez 175.0 NaN
3224 362108 Gabriel Gudmundsson 180.0 NaN
3225 362842 Arthur Melo 172.0 NaN
3227 367466 Thierry Correia 176.0 NaN
3228 367652 Rodrigo Abascal 190.0 NaN
3234 378953 Gerzino Nyamsi 195.0 NaN
3235 381430 Fabricio Alvarenga 175.0 NaN
3243 400548 Victor Jensen 175.0 NaN
3248 413403 Ezri Konsa 183.0 NaN
3251 422281 Muhammed Cham 180.0 NaN
3253 432682 Lars Olden Larsen 175.0 NaN
3256 443746 Luis Görlich 181.0 NaN
3258 448867 Maksym Lopyryonok 186.0 NaN
3262 381834 Konstantin Kuchaev 183.0 NaN
3265 423744 Billy Gilmour 170.0 NaN
3266 453870 Benedict Hollerbach 181.0 NaN
3273 504849 Kaoru Mitoma 178.0 NaN
3280 565428 Alexandro Calut 180.0 NaN
3282 598577 Florian Wirtz 177.0 NaN
3283 617520 Stanislav Agkatsev 189.0 NaN
3291 741149 Elidon Qenaj 198.0 NaN
3294 825073 Leon Opitz 183.0 NaN
3296 865414 Kirill Glebov 174.0 NaN
3304 162434 Niklas Stark 190.0 NaN
3306 191422 Mahmoud Dahoud 178.0 NaN
3310 229006 Franck Honorat 180.0 NaN
3311 231650 Michael Brouwer 189.0 NaN
3312 242813 Filip Jagiello 180.0 NaN
3319 284876 Paolo Fernandes 167.0 NaN
3321 296783 Ezequiel Ponce 181.0 NaN
3322 312773 Daniele Sommariva 185.0 NaN
3325 345343 James McGarry 180.0 NaN
3327 391907 Aleksandr Ektov 173.0 NaN
3328 401922 Samuel Chukwueze 172.0 NaN
3334 455127 Willum Thór Willumsson 194.0 NaN
3335 457979 Lucas Lund 195.0 NaN
3342 482102 Andreas Pyndt NaN NaN
3359 522784 Taty Castellanos 178.0 NaN
3365 540058 Christos Talichmanidis 187.0 NaN
3368 546860 Yentl Van Genechten 191.0 NaN
3369 548254 Nathan Ngoy 183.0 NaN
3374 560110 Ivan Kovalenko 179.0 NaN
3379 586429 Ryan Flamingo 187.0 NaN
3380 586925 Kosta Aleksic 183.0 NaN
3384 597153 Luiyi de Lucas 194.0 NaN
3387 610335 Iván Jaime 180.0 NaN
3392 618086 Max Bruns 183.0 NaN
3393 618350 Dion Beljo 195.0 NaN
3395 621910 Apostolos Tsilingiris 188.0 NaN
3398 625651 Urko González de Zarate 189.0 NaN
3401 640026 Shola Shoretire 171.0 NaN
3403 644244 Enis Cokaj 182.0 NaN
3404 646991 Robin Roefs 193.0 NaN
3406 658530 Jonas Jensen-Abbew 187.0 NaN
3407 658737 Mor Ndiaye 185.0 NaN
3413 666943 Valentyn Rubchynskyi 165.0 NaN
3417 685679 Gustav Mortensen NaN 100000.0
3419 699171 Pedro Pinho 189.0 NaN
3420 706960 Yong-hak Kim 172.0 NaN
3423 724035 Andreas Ndoj 190.0 NaN
3424 724520 Abde Ezzalzouli 177.0 NaN
3426 724876 Georgios Sideras 184.0 NaN
3428 727132 Zach Robinson NaN 100000.0
3430 743629 Josimar Alcócer NaN 75000.0
3431 745200 Maghnes Akliouche 183.0 NaN
3438 800946 Dennis Seimen 192.0 NaN
3440 804829 Yannick Pandor 192.0 NaN
3444 817612 Luke Harris 177.0 NaN
3446 835136 Thomas Himeur 192.0 NaN
3448 887137 Finlay Pollock NaN 50000.0
3451 914629 André Simões 176.0 NaN
3453 923831 Leny Yoro 190.0 NaN
3455 928352 Muhammet Ali Özbaskıcı 172.0 NaN
3456 938813 Magnus Böttker NaN 25000.0
3457 942940 Ali Turap Bülbül 179.0 NaN
3460 974374 Anthony Valencia 174.0 NaN
3462 1084075 Marcos André NaN NaN
3463 1104249 Afonso Monteiro NaN NaN
3464 1104325 Ricardo Ferreira NaN NaN
3465 1105761 Ali Yıldız NaN 50000.0
3470 47713 Mamadou Sakho 187.0 NaN
3471 50219 Simon Mignolet 193.0 NaN
3476 59323 Cristhian Stuani 184.0 NaN
3477 59543 Andy Halliday 181.0 NaN
3483 73926 Davide Faraoni 180.0 NaN
3484 74842 Mario Götze 176.0 NaN
3487 81173 Janis Blaswich 193.0 NaN
3490 84979 Callum Booth 181.0 NaN
3491 88909 Riccardo Saponara 184.0 NaN
3494 98512 Serdar Gürler 175.0 NaN
3496 103565 Wahbi Khazri 176.0 NaN
3498 107803 Maksym Bilyi 187.0 NaN
3500 108710 Vladyslav Kalitvintsev 178.0 NaN
3505 114113 Gudmundur Thórarinsson 183.0 NaN
3513 131821 Thomas Lam 188.0 NaN
3516 147078 Fran Vélez 182.0 NaN
3517 154319 André Geraldes 181.0 NaN
3522 175446 Jonny Otto 175.0 NaN
3523 177776 César 192.0 NaN
3538 208848 Emre Kılınç 174.0 NaN
3539 211345 Mansur 181.0 NaN
3541 212862 Álex Remiro 191.0 NaN
3542 213429 Émerson 195.0 NaN
3543 221315 Kevin Vázquez 175.0 NaN
3545 225122 Gonçalo Guedes 179.0 NaN
3546 226025 Luca Mazzitelli 184.0 NaN
3549 227039 Younes Namli 180.0 NaN
3550 237164 Ihlas Bebou 185.0 NaN
3553 244338 Pelly Ruddock Mpanzu 175.0 NaN
3556 249303 Dennis Eckert Ayensa 183.0 NaN
3560 258618 Thuram 183.0 NaN
3561 262939 Johan Mojica 185.0 NaN
3566 270221 Dan Casey 186.0 NaN
3567 278837 Luis Rioja 176.0 NaN
3570 283735 Mattia Zaccagni 177.0 NaN
3571 288721 Egor Sorokin 192.0 NaN
3575 291968 Neto 181.0 NaN
3578 295780 Giannis Masouras 181.0 NaN
3579 297752 Nikolay Zolotov 177.0 NaN
3580 298410 João Pedro 185.0 NaN
3587 314367 Marcus Edwards 168.0 NaN
3588 315233 Mees Hoedemakers 181.0 NaN
3592 324811 Arnaud Nordin 170.0 NaN
3593 329517 Georgios Masouras 184.0 NaN
3595 331514 Bobby Adekanye 175.0 NaN
3602 342405 Mattias Svanberg 185.0 NaN
3606 345746 Andreas Poulsen 188.0 NaN
3608 355861 Arnaut Danjuma 178.0 NaN
3609 368482 Riccardo Orsolini 183.0 NaN
3616 382478 Cédric Zesiger 194.0 NaN
3618 390823 Eric Curbelo 180.0 NaN
3621 394327 Boubacar Kamara 184.0 NaN
3623 396540 Finlay Robertson 171.0 NaN
3625 406609 Can Bozdoğan 174.0 NaN
3627 416108 Youcef Atal 176.0 NaN
3631 424072 Mathias Pereira Lage 180.0 NaN
3632 427568 Aaron Ramsdale 190.0 NaN
3635 432982 Andreas Skov Olsen 187.0 NaN
3636 435135 Ali Emre Yanar 190.0 NaN
3637 441306 Mathias Fixelles 183.0 NaN
3640 443710 Angelo Stiller 183.0 NaN
3641 443778 Ilya Zhigulev 176.0 NaN
3646 457673 Gabriel Strefezza 168.0 NaN
3650 463600 Lucas Chevalier 189.0 NaN
3651 463605 Bafodé Diakité 185.0 NaN
3652 465868 Nikolaos Gotzamanidis 189.0 NaN
3653 469050 Nathan Collins 193.0 NaN
3658 481627 Sandro Cruz 182.0 NaN
3660 483495 Ali Kaan Güneren 183.0 NaN
3662 485395 Gustaf Lagerbielke 193.0 NaN
3663 485586 Syb van Ottele 185.0 NaN
3666 485965 Nicolas Cozza 178.0 NaN
3668 486039 Anouar Ait El Hadj 167.0 NaN
3669 487688 Alberto Soro 173.0 NaN
3673 500091 Ersin Destanoğlu 195.0 NaN
3675 502247 Louis Patris 187.0 NaN
3678 505674 Sergio Camello 177.0 NaN
3679 507254 Nathan Ferguson 184.0 NaN
3680 508639 Naci Ünüvar 168.0 NaN
3681 511168 Abdul Nurudeen 189.0 NaN
3684 514887 Aral Şimşir NaN 100000.0
3686 521966 Joselpho Barnes 187.0 NaN
3687 532444 Fotis Ioannidis 187.0 NaN
3688 533662 Cameron Archer 175.0 NaN
3695 541231 Sepp van den Berg 192.0 NaN
3696 544472 Emir Kaan Gültekin 181.0 NaN
3697 547187 Léo Cordeiro 174.0 NaN
3703 517300 Vítor Tormena 192.0 NaN
3704 555146 Vladislav Torop 191.0 NaN
3707 617267 Henrique Araújo 182.0 NaN
3708 629588 Nathan Ngoumou 185.0 NaN
3712 927644 Afonso Rodrigues 178.0 NaN
3713 32467 Ivan Rakitic 184.0 NaN
3716 94308 Marko Dmitrović 189.0 NaN
3719 111455 Granit Xhaka 186.0 NaN
3721 156990 Marco Friedl 187.0 NaN
3725 302215 Naby Keïta 172.0 NaN
3729 334477 Denis Adamov 196.0 NaN
3731 347913 Luan Peres 190.0 NaN
3745 470606 Leighton Clarkson NaN NaN
3749 521964 Malick Thiaw 194.0 NaN
3751 535974 Konstantin Maradishvili 179.0 NaN
3755 564785 Kristian Thorstvedt 189.0 NaN
3758 570548 Armin Hodzic 188.0 NaN
3760 584254 Maximilian Breunig 195.0 NaN
3761 587310 Marc Nielsen NaN 50000.0
3762 590775 Djenahro Nunumete NaN 50000.0
3765 599419 Max Rosenfelder 186.0 NaN
3766 605395 Casper Widell 192.0 NaN
3767 607034 Akor Adams 190.0 NaN
3768 610428 Oscar Fraulo 180.0 NaN
3769 620560 Ivan Basic 178.0 NaN
3770 627228 Yan Couto 168.0 NaN
3772 631222 Raúl Torrente 193.0 NaN
3776 644613 Sadik Fofana 192.0 NaN
3779 647131 Diogo Paulo 185.0 NaN
3781 654986 Bram Lagae NaN 200000.0
3783 659542 Elye Wahi 181.0 NaN
3784 661427 David Møller Wolfe 185.0 NaN
3786 666547 Zito Luvumbo 171.0 NaN
3787 671594 Kamory Doumbia 170.0 NaN
3792 694186 Kristian Hlynsson NaN NaN
3795 700006 Vefa Temel NaN 25000.0
3796 707103 Fotis Sgouris 188.0 NaN
3801 715836 Tobias Storm NaN NaN
3802 719384 Brian Agbor NaN 150000.0
3803 724033 Manolis Smpokos NaN 50000.0
3804 726717 Konstantinos Pomonis NaN NaN
3805 727092 Tristan Teuchy NaN NaN
3806 732507 Agustín Martegani 185.0 NaN
3807 738476 Silvano Vos NaN NaN
3808 742091 Vinícius 188.0 NaN
3810 743122 Kyriani Sabbe 176.0 NaN
3821 821824 Matías Rocha 183.0 NaN
3828 855014 Kévin Keben NaN NaN
3829 858719 Telasco Segovia 180.0 NaN
3833 876660 Mehmet Albayrak NaN 50000.0
3834 880259 Engin Can Aksoy NaN NaN
3835 880326 Sirozhiddin Astanakulov NaN NaN
3837 906329 Roger 166.0 NaN
3839 923759 Valentin Atangana Edoa NaN 150000.0
3841 936859 Moses Jarju 187.0 NaN
3845 989448 Ebbe De Vlaeminck NaN NaN
3846 993136 Mikkel Kristensen NaN 150000.0
3847 1031044 Dylan Smith NaN 50000.0
3848 1034665 Nathan Huygevelde 185.0 NaN
3849 1061282 Assane Diao 185.0 NaN
3850 1094044 Zacharias Papadimitriou NaN NaN
3852 1123377 Emir Dadük 191.0 NaN
3853 1159758 Siemen Buvé NaN NaN
3854 23951 Steve Mandanda 187.0 NaN
3855 24846 Ricardo Batista 192.0 NaN
3860 42547 Lewis Stevenson 170.0 NaN
3861 45333 James McCarthy 180.0 NaN
3863 56416 Dries Mertens 169.0 NaN
3865 58072 Yaroslav Martynyuk 181.0 NaN
3870 90583 Laurent Depoitre 191.0 NaN
3871 93704 Josuha Guilavogui 188.0 NaN
3875 100131 William Carvalho 187.0 NaN
3877 110686 Kamil Ahmet Çörekçi 173.0 NaN
3878 111051 Nampalys Mendy 168.0 NaN
3881 119574 Joe Shaughnessy 183.0 NaN
3884 131553 Vyacheslav Churko 180.0 NaN
3892 156501 Felipe 190.0 NaN
3894 159957 Yuriy Gazinskiy 184.0 NaN
3895 160929 Marvin Schwäbe 190.0 NaN
3896 161056 Joshua Kimmich 177.0 NaN
3900 165467 Stole Dimitrievski 188.0 NaN
3901 166277 Roman Zobnin 182.0 NaN
3910 181773 Charles 186.0 NaN
3922 196095 Luca Waldschmidt 181.0 NaN
3923 197122 Unai García 186.0 NaN
3932 221025 André Gomes 188.0 NaN
3934 222813 Marko Grujić 191.0 NaN
3937 228885 Carlitos 176.0 NaN
3938 232144 Miloš Pantović 186.0 NaN
3940 236400 Léo Dubois 178.0 NaN
3949 256718 Sven van Beek 189.0 NaN
3950 257937 Oleg Danchenko 179.0 NaN
3951 258919 Dean Henderson 188.0 NaN
3952 261504 Aleix García 173.0 NaN
3957 274984 Marvin Egho 188.0 NaN
3958 275935 Dorukhan Toköz 180.0 NaN
3962 282560 Ramazan Civelek 171.0 NaN
3966 289843 Sean Goss 191.0 NaN
3968 293002 Kyle Vassell 183.0 NaN
3969 293283 Oskar Buur 180.0 NaN
3974 301696 Stijn van Gassel 186.0 NaN
3981 324377 Youssef Maleh 179.0 NaN
3982 326300 Jeff Reine-Adélaïde 184.0 NaN
3984 330060 Sidcley 176.0 NaN
3988 333647 Jonathan Burkardt 183.0 NaN
3989 338672 Zinho Vanheusden 187.0 NaN
3993 353826 Robert Gumny 182.0 NaN
3997 357662 Declan Rice 188.0 NaN
4003 383014 Gonçalo Costa 179.0 NaN
4011 396532 Yevgeniy Smyrnyi 180.0 NaN
4015 404848 Andriy Kulakov 184.0 NaN
4017 406694 Jamie Brandon 173.0 NaN
4019 413268 Kevin Yakob 184.0 NaN
4020 413565 Jhon Lucumí 187.0 NaN
4021 423440 Martín Zubimendi 181.0 NaN
4022 429551 Olimpiu Morutan 173.0 NaN
4023 429987 Tiago Dantas 170.0 NaN
4030 459965 Kubilay Köylü 177.0 NaN
4031 461883 Calvin Bassey 185.0 NaN
4032 461943 Daniel Bragança 178.0 NaN
4033 464259 Aleksandr Sobolev 195.0 NaN
4036 468244 Rayane Aabid 178.0 NaN
4038 469211 Liberato Cacace 183.0 NaN
4042 480116 Lloyd Kelly 190.0 NaN
4043 481173 Mady Camara 182.0 NaN
4044 481676 Georgios Liavas 181.0 NaN
4049 490581 Mathias Olesen 188.0 NaN
4053 495625 Víctor Chust 184.0 NaN
4058 515017 Jacob Christensen 180.0 NaN
4061 529223 Dean James NaN 200000.0
4063 539232 Jessy Deminguet 178.0 NaN
4065 542588 Alessandro Sorrentino 190.0 NaN
4067 542769 Pedro Aparício 172.0 NaN
4070 543771 Kristjan Asllani 175.0 NaN
4071 546712 Anis Slimane 188.0 NaN
4075 554398 Vasilios Sourlis 183.0 NaN
4077 567735 Vladyslav Khamelyuk 178.0 NaN
4079 569845 Charles Vanhoutte 182.0 NaN
4081 574385 Mohamed Daramy 180.0 NaN
4082 576022 Vladyslav Yemets 180.0 NaN
4098 628331 Giannis Konstantelias 178.0 NaN
4103 637446 Alistair Johnston 180.0 NaN
4104 640109 Martín Satriano 187.0 NaN
4106 576314 Jan Paul van Hecke 189.0 NaN
4107 586659 Yvandro Borges Sanches 175.0 NaN
4109 622461 Sergey Babkin 176.0 NaN
4112 808452 Jack Milne NaN 50000.0
4113 869930 Bahadır Gölgeli NaN 50000.0
4114 876725 Onur Başyiğit NaN NaN
4115 906774 Du Queiroz 171.0 NaN
4124 136610 Papy Djilobodji 193.0 NaN
4129 199976 Marco Sportiello 192.0 NaN
4130 214078 Richard Jensen 185.0 NaN
4131 226524 Morten Thorsby 188.0 NaN
4132 230946 Ilya Lantratov 194.0 NaN
4136 265209 Noah Loosli 186.0 NaN
4139 313691 Brayan Riascos 178.0 NaN
4142 351816 Ismaël Bennacer 175.0 NaN
4144 357826 Thomas Buitink NaN 100000.0
4146 364258 Bernardo 186.0 NaN
4153 464378 Ekrem Kılıçarslan 188.0 NaN
4154 471055 Marvin Pieringer 191.0 NaN
4156 504153 Joe Scally 184.0 NaN
4160 537475 Hugo Cunha 198.0 NaN
4162 583970 Mirza Cihan 175.0 NaN
4163 585082 Mihajlo Banjac 186.0 NaN
4167 616460 Emre Bekir 182.0 NaN
4170 659543 Matthis Abline 182.0 NaN
4172 952174 Ata Berk Karababa NaN NaN
4173 52281 Güray Vural 177.0 NaN
4176 111053 Yeni N’Gbakoto 173.0 NaN
4179 295810 Alexandru Cicaldau 178.0 NaN
4181 435807 Alasana Manneh 176.0 NaN
4182 440653 Oğulcan Ülgün 178.0 NaN
4188 657791 Jeriel de Santis 190.0 NaN
4190 658533 Abu Francis 182.0 NaN
4193 669477 Athanasios Papadoudis 194.0 NaN
4195 670717 Dário Essugo 178.0 NaN
4202 697853 Artem Ismagilov 199.0 NaN
4203 707844 Mandela Keita 180.0 NaN
4204 709985 Jeppe Corfitzen NaN 50000.0
4205 711382 Jon Karrikaburu 183.0 NaN
4209 726131 Jeppe Kudsk 188.0 NaN
4210 726701 Rodrigo Ribeiro 185.0 NaN
4214 744729 Tarek Buchmann 188.0 NaN
4215 748601 Gastón Ávila 182.0 NaN
4216 748804 Mika Godts 176.0 NaN
4221 807165 Bamo Meïté 183.0 NaN
4222 807475 William Kaastrup NaN 350000.0
4228 823486 Michael Kayode 179.0 NaN
4236 885237 Nazım Özcan NaN NaN
4243 50818 Sébastien Bruzzese 185.0 NaN
4247 54265 Ryan McGowan 191.0 NaN
4248 56831 Juan Neira 179.0 NaN
4257 71292 Jonjo Shelvey 184.0 NaN
4258 72121 Johan Gastien 179.0 NaN
4260 80059 Serdar Dursun 190.0 NaN
4266 89733 Álex Fernández 183.0 NaN
4267 91340 James Shea NaN NaN
4268 91469 Kian Hansen 184.0 NaN
4270 92469 Matt Ritchie 173.0 NaN
4271 93081 Nick Viergever 183.0 NaN
4272 93315 Henrik Dalsgaard 192.0 NaN
4276 98131 Zeki Yavru 178.0 NaN
4282 111036 Mehdi Abeid 178.0 NaN
4283 111830 Jack Hamilton 190.0 NaN
4288 124028 Ismaily 177.0 NaN
4289 124182 Sergiy Sydorchuk 189.0 NaN
4291 126337 Aleksandr Putsko 190.0 NaN
4292 127142 Jonas Martin 184.0 NaN
4293 130164 Jordan Pickford 185.0 NaN
4296 138927 Daniel Carvajal 173.0 NaN
4297 140554 Martin Boyle 172.0 NaN
4298 141050 Danilo Pereira 188.0 NaN
4301 147051 Yvon Mvogo 190.0 NaN
4303 158863 Iñigo Martínez 182.0 NaN
4306 160971 Leopold Zingerle 185.0 NaN
4311 166230 Josip Vukovic 184.0 NaN
4312 167721 Chimy Ávila 172.0 NaN
4314 177475 Boris Kleyman 185.0 NaN
4317 178942 Bruno Brígido 187.0 NaN
4323 182711 Carlos Mané 173.0 NaN
4324 183383 Pieter Gerkens 179.0 NaN
4325 183397 Mike van Duinen 185.0 NaN
4326 185077 Vincenzo Grifo 180.0 NaN
4330 203746 Ruben Aguilar 172.0 NaN
4334 213260 Rubén García 172.0 NaN
4337 221133 Ali Yaşar 180.0 NaN
4342 238468 Drey Wright 175.0 NaN
4345 242940 Edoardo Goldaniga 193.0 NaN
4348 249157 Fredrik Jensen 183.0 NaN
4351 251345 Görkem Sağlam 178.0 NaN
4353 255688 Achilleas Poungouras 187.0 NaN
4356 258482 Boris Radunović 194.0 NaN
4362 269371 Denys Bezborodko 183.0 NaN
4363 271335 Fabiano 188.0 NaN
4364 272855 Paul Onuachu 201.0 NaN
4373 296397 Arne Maier 186.0 NaN
4376 315253 Jeffrey de Lange 190.0 NaN
4383 334999 Finn Ole Becker 177.0 NaN
4385 335461 Renat Dadashov 188.0 NaN
4387 339005 Farouk Miya 177.0 NaN
4388 340538 Zé Turbo 188.0 NaN
4396 351478 Mikel Oyarzabal 181.0 NaN
4397 351567 Koki Ogawa 186.0 NaN
4404 364238 Alhassane Sylla NaN NaN
4405 371371 Marash Kumbulla 191.0 NaN
4406 375380 Benny 178.0 NaN
4410 393565 Michal Skoras 172.0 NaN
4417 403572 Stephen Kelly 176.0 NaN
4421 404851 Denis Yanakov 185.0 NaN
4422 405687 Tom Krauß 182.0 NaN
4425 415383 Hervé Koffi 186.0 NaN
4426 416660 Ramiz Zerrouki 183.0 NaN
4427 418071 Théo Leoni 180.0 NaN
4430 420213 Quinten Timber 177.0 NaN
4438 451991 Miles Welch-Hayes 180.0 NaN
4446 462837 Nikolas Dyhr 179.0 NaN
4453 479649 Gonçalo Borges 184.0 NaN
4454 481628 Tiago Araújo 184.0 NaN
4462 514893 Anders Dahl 176.0 NaN
4469 546880 Brandon Soppy 181.0 NaN
4471 549960 Tymur Stetskov 187.0 NaN
4476 559979 Abdel Abqar 188.0 NaN
4478 565406 Kazeem Olaigbe NaN 150000.0
4479 567129 Josh Doig 189.0 NaN
4483 576098 Kas de Wit NaN 25000.0
4485 581604 Pietro Boer 193.0 NaN
4488 586834 Jesurun Rak-Sakyi 178.0 NaN
4489 586855 Loreintz Rosier 190.0 NaN
4492 591880 Mimeirhel Benita 173.0 NaN
4493 591914 Warren Tchimbembé 180.0 NaN
4495 604320 Frans Krätzig 171.0 NaN
4497 607223 Rayan Cherki 177.0 NaN
4501 610649 Ryan Alebiosu 188.0 NaN
4503 618341 Mario Gila 185.0 NaN
4504 618415 Nathan Bitumazala 178.0 NaN
4513 633753 Alex Lowry NaN NaN
4514 634963 Parfait Bizoza 187.0 NaN
4515 639582 Tom Hülsmann 205.0 NaN
4516 646750 Cristhian Mosquera 191.0 NaN
4530 695310 Maksym Bragaru 175.0 NaN
4534 703475 Malachi Boateng 182.0 NaN
4537 708454 Romeo Vermant 184.0 NaN
4541 727089 Noah Sadiki 183.0 NaN
4542 731899 Álvaro Zamora 180.0 NaN
4545 744099 Jota 176.0 NaN
4548 748506 Martin Wasinski 185.0 NaN
4553 764859 Williot Swedberg 187.0 NaN
4554 789082 Vanderson 173.0 NaN
4559 805054 William Clem NaN 50000.0
4561 818240 Hélder Morim 181.0 NaN
4562 821535 Artur Remenyak 181.0 NaN
4563 824357 Djakaridja Junior Traoré 190.0 NaN
4564 830767 Ricardo Fernandes 173.0 NaN
4568 848875 Diego Callai 190.0 NaN
4569 855015 Farès Chaïbi 183.0 NaN
4570 855134 Skelly Alvero 202.0 NaN
4573 859396 Metinho 178.0 NaN
4576 875581 Adrian Blake NaN NaN
4577 875631 Sanders Ngabo NaN 250000.0
4578 880330 Moïse Sahi Dion 175.0 NaN
4580 892049 Marko Sapuga 194.0 NaN
4581 898781 Jakob Vester NaN 200000.0
4583 917015 Fabio Torsiello 177.0 NaN
4584 924857 Lennon Miller 182.0 NaN
4585 929359 Ezechiel Fiemawhle NaN NaN
4587 929575 Cristiano Fitzgerald 174.0 NaN
4588 933897 Spyros Ampartzidis NaN NaN
4591 981197 Frederic Soelle Soelle 190.0 NaN
4593 1004301 Jérémy Jacquet NaN NaN
4600 793099 Stije Resink NaN NaN
4601 796221 Mats Pannewig 195.0 NaN
4602 818929 Simone Calvani NaN NaN
4603 836336 Nuno Lima 185.0 NaN
4606 68864 Kevin Strootman 186.0 NaN
4614 161869 Djibril Sidibé 183.0 NaN
4615 163847 Eli Dasa 177.0 NaN
4616 177467 Gerard Moreno 180.0 NaN
4617 188854 Manu Trigueros 178.0 NaN
4618 212723 Djibril Sow 184.0 NaN
4620 234888 Georgios Athanasiadis 191.0 NaN
4622 248219 Oğulcan Çağlayan 188.0 NaN
4624 273669 Adrian Beck 186.0 NaN
4625 276002 Emil Hansson 172.0 NaN
4628 315131 Timothy Fosu-Mensah 185.0 NaN
4630 340950 Diogo Jota 178.0 NaN
4632 343959 Erhan Masovic 189.0 NaN
4635 376228 Dmytro Ivanisenya 187.0 NaN
4637 393804 Sofian Kiyine 182.0 NaN
4640 447801 Jannes Wieckhoff 188.0 NaN
4641 460939 Tijjani Reijnders 185.0 NaN
4644 467563 Armel Bella-Kotchap 190.0 NaN
4645 483573 Martín Aguirregabiria 180.0 NaN
4648 554284 Kacper Kozlowski 182.0 NaN
4649 572163 Daniil Yermolov 196.0 NaN
4653 655895 Bartuğ Elmaz 179.0 NaN
4655 703497 Bitello 179.0 NaN
4659 672243 Niko Rak 173.0 NaN
4660 805055 Tobias Lauritsen NaN 100000.0
4663 17965 Hugo Lloris 188.0 NaN
4664 42460 Ivan Perisic 186.0 NaN
4668 293228 Dario Saric 180.0 NaN
4669 314963 Bruno Paz 182.0 NaN
4671 410425 Yves Bissouma 182.0 NaN
4672 560725 Abdoul Kader Bamba 177.0 NaN
4675 1009300 Berkay Aydoğmuş 180.0 NaN
4678 1054214 Onuralp Çevikkan 190.0 NaN
4679 1091130 Clinton 174.0 NaN
4682 20005 Papu Gómez 167.0 NaN
4683 27493 Iván Cuéllar 187.0 NaN
4689 59896 Dmytro Khomchenovskyi 182.0 NaN
4690 59970 Taras Stepanenko 181.0 NaN
4691 61253 José Callejón 178.0 NaN
4694 89222 Yaroslav Rakitskyi 180.0 NaN
4697 93740 Willi Orbán 186.0 NaN
4701 98547 Stanislav Kritsyuk 192.0 NaN
4702 102017 Jorginho 178.0 NaN
4708 110923 Mattia Perin 188.0 NaN
4709 111426 Benjamin Siegrist 196.0 NaN
4711 112091 Rodrigo Erramuspe 191.0 NaN
4712 112648 Dimitrios Kolovetsios 183.0 NaN
4713 113707 Rémy Cabella 172.0 NaN
4715 125614 Sargis Adamyan 184.0 NaN
4716 125714 Mark Flekken 195.0 NaN
4717 126673 Adama Soumaoro 187.0 NaN
4720 134270 Dan Burn 201.0 NaN
4726 146714 Tomas Koubek 197.0 NaN
4727 146774 Eric Larsson 175.0 NaN
4731 159908 Aytaç Kara 188.0 NaN
4733 163738 Moses Odubajo 177.0 NaN
4734 164729 Panagiotis Tsintotas 194.0 NaN
4739 168166 Lucas Pirard 191.0 NaN
4751 192605 Noam Baumann 194.0 NaN
4752 199321 Rubén Blanco 188.0 NaN
4756 204176 Taylan Antalyalı 180.0 NaN
4764 223058 Ivan Ostojic 190.0 NaN
4765 227199 Igor Soldat 181.0 NaN
4770 235247 Wolke Janssens 185.0 NaN
4771 235931 Alessandro Deiola 190.0 NaN
4774 240263 Frederic Ananou 183.0 NaN
4776 245056 Sasa Lukic 182.0 NaN
4788 259849 Aleksandr Zhirov 193.0 NaN
4789 260838 Jonas Gemmer 179.0 NaN
4791 265763 Thierry Ambrose 180.0 NaN
4796 283580 Nick Gillekens 186.0 NaN
4798 284730 Manuel Akanji 188.0 NaN
4805 291397 Samba Camara 190.0 NaN
4808 293903 Burak Bekaroğlu 191.0 NaN
4809 295313 Taiwo Awoniyi 183.0 NaN
4812 300532 Pontus Almqvist 183.0 NaN
4818 315128 Carel Eiting 179.0 NaN
4819 315858 Gianluigi Donnarumma 196.0 NaN
4822 317806 Cyriel Dessers 185.0 NaN
4823 320440 Gustaf Nilsson 196.0 NaN
4827 332530 Alfons Sampsted 180.0 NaN
4830 334816 Brad Lyons NaN 250000.0
4831 335147 Junior Sambia 185.0 NaN
4832 337725 Christian Kouamé 185.0 NaN
4834 340324 Eddie Nketiah 175.0 NaN
4836 344579 Tony Gallacher 173.0 NaN
4838 351955 Federico Baschirotto 187.0 NaN
4839 352332 Florian Le Joncour 193.0 NaN
4841 356396 Joe Wright 193.0 NaN
4842 361238 Rubén García 180.0 NaN
4847 369706 Matheus Aiás 176.0 NaN
4850 376484 Carles Soria 170.0 NaN
4851 378174 Jardel 184.0 NaN
4852 379634 Aleksey Gritsaenko 186.0 NaN
4856 392959 Andrea Colpani 184.0 NaN
4858 398163 Gonzalo Villar 181.0 NaN
4864 401527 Rogério 178.0 NaN
4865 405073 Nicolai Clausen NaN 50000.0
4867 408563 Jerome Opoku 197.0 NaN
4879 431190 Carlos Benavidez 185.0 NaN
4880 431561 Roberto Massimo 183.0 NaN
4890 451801 Abdul Mumin 188.0 NaN
4891 457237 Sergio Kalaj 193.0 NaN
4893 462772 Tayyip Talha Sanuç 188.0 NaN
4894 464067 Lucas Lissens 184.0 NaN
4912 525287 Carlos Vinícius 190.0 NaN
4914 529870 Danila Khotulev 187.0 NaN
4916 532900 João Valido 185.0 NaN
4918 534909 Guillermo Soto 175.0 NaN
4922 536835 Amad Diallo 173.0 NaN
4924 537599 Mateus Criciúma 176.0 NaN
4931 551085 Luca Oyen 174.0 NaN
4934 566271 Yusuf Barası 183.0 NaN
4938 581678 Jude Bellingham 186.0 NaN
4943 595238 Lennard Hartjes 170.0 NaN
4944 595935 Sem Westerveld 190.0 NaN
4946 608175 Alfie Doughty 183.0 NaN
4951 616340 Julian Baas NaN NaN
4956 631819 Danil Skorko 180.0 NaN
4957 631996 Brandon Aguilera 179.0 NaN
4960 640432 Xavier Mbuyamba 195.0 NaN
4961 667991 Alaa Bellaarouch 188.0 NaN
4968 678277 Mathias Sauer NaN 50000.0
4969 683571 Tolu Arokodare 197.0 NaN
4972 690568 Rizvan Tashaev 194.0 NaN
4974 694039 Nils Rossen NaN 50000.0
4978 709982 Kaare Barslund 182.0 NaN
4980 717118 Darlin Yongwa 177.0 NaN
4983 719672 Adedire Mebude 189.0 NaN
4984 720613 Emirhan Delibaş NaN 50000.0
4986 727147 Emre Bilgin 188.0 NaN
4987 728864 Lequincio Zeefuik NaN 75000.0
4990 741517 Alfonso Trezza 166.0 NaN
4993 751989 Alouis Diriken 187.0 NaN
4995 783017 Nando Verdoni NaN NaN
4998 814528 Georgios Kosteas NaN 50000.0
4999 815104 Giannis Apostolakis NaN NaN
5001 822991 Iason Kyrkos 169.0 NaN
5002 830079 Rodion Plaksa 173.0 NaN
5003 837284 Mykyta Sytnykov 186.0 NaN
5006 845568 Marko Milovanovic 194.0 NaN
5008 875178 Willy Kumado NaN NaN
5010 898851 Marius Papuga NaN 50000.0
5011 901019 Neil El Aynaoui 185.0 NaN
5015 926653 Thomas Lutte NaN NaN
5016 926978 Lucas Högsberg NaN 200000.0
5017 932349 Diego Méndez 182.0 NaN
5018 933631 Angelos Tsiris NaN 50000.0
5019 941418 Denil Castillo 189.0 NaN
5022 968903 Ilias Simantirakis NaN 50000.0
5023 973234 Eren Karaağaç NaN 50000.0
5024 979551 Pathé Mboup 175.0 NaN
5025 979766 Mathis Lambourde 179.0 NaN
5026 986866 Samson Lawal 172.0 NaN
5027 1008564 Billy van Duijl NaN NaN
5030 1043030 Guga 178.0 NaN
5031 1082850 Deivid Washington 187.0 NaN
5032 1154396 Calan Ledingham NaN NaN
5033 12029 Ludovic Butelle 188.0 NaN
5034 14086 Ashley Young 175.0 NaN
5035 14881 Marcelo Carné 188.0 NaN
5038 25734 Denys Kulakov 185.0 NaN
5041 94201 Robin Knoche 189.0 NaN
5045 170620 Vyacheslav Karavaev 175.0 NaN
5047 185427 Nicolai Rapp 186.0 NaN
5055 257980 Jeroen Houwen 188.0 NaN
5056 287183 Fedor Chalov 181.0 NaN
5058 324352 Marios Siampanis 188.0 NaN
5061 412937 Shurandy Sambo 174.0 NaN
5063 432698 Kornelius Hansen 175.0 NaN
5065 480763 Juan Foyth 187.0 NaN
5066 484873 Kady Borges 173.0 NaN
5069 503635 Nouri El Harmazi NaN NaN
5072 522030 Ilya Samoshnikov 177.0 NaN
5077 585949 Pierre Kalulu 182.0 NaN
5078 624051 Stathis Tachatos 177.0 NaN
5083 718756 Daniil Khudyakov 194.0 NaN
5084 723008 Miliano Jonathans NaN 25000.0
5093 48119 Danijel Aleksic 182.0 NaN
5094 48634 Fedor Kudryashov 184.0 NaN
5099 61764 Marco Matias 177.0 NaN
5100 61813 Calum Butcher 196.0 NaN
5101 68980 Daniel Stenderup 186.0 NaN
5108 85383 Rubén Sobrino 185.0 NaN
5110 88242 Daniel Adejo 185.0 NaN
5113 99863 Pylyp Budkivskyi 196.0 NaN
5126 132010 Georgios Delizisis 191.0 NaN
5127 146163 Raphael Framberger 179.0 NaN
5128 148252 Remo Freuler 180.0 NaN
5132 159522 Patrick Pflücke 170.0 NaN
5134 167798 Andrew Hjulsager 175.0 NaN
5138 170672 Gergely Nagy 197.0 NaN
5148 196948 Andreas Christensen 187.0 NaN
5149 199258 Andrea Petagna 190.0 NaN
5151 201576 Jordy Hiwula 178.0 NaN
5152 203074 Ivan Petryak 171.0 NaN
5154 205550 Marco Ilaimaharitra 178.0 NaN
5155 208281 James Bolton 183.0 NaN
5161 229970 Tom Lawrence 175.0 NaN
5162 234523 Antonio Sanabria 180.0 NaN
5166 239046 Ivan Näsberg 187.0 NaN
5167 240497 Moryké Fofana 175.0 NaN
5170 242854 Dmytro Yusov 188.0 NaN
5173 245078 Nemanja Radonjić 181.0 NaN
5174 247555 Edimilson Fernandes 190.0 NaN
5179 250013 Angelo Fulgini 182.0 NaN
5180 250030 Robin Maulun 176.0 NaN
5181 251075 Zeki Çelik 180.0 NaN
5185 258987 Carl Starfelt 187.0 NaN
5191 273130 Federico Gino 176.0 NaN
5201 284595 Tommaso Augello 180.0 NaN
5202 291200 Moussa Niakhaté 190.0 NaN
5206 295414 Adrián Marín 181.0 NaN
5208 303219 Jeff Chabot 195.0 NaN
5212 311178 Georgios Kyriakopoulos 186.0 NaN
5213 312891 Evgeniy Latyshonok 189.0 NaN
5216 321247 Emiliano Buendía 172.0 NaN
5217 321528 Denzel Dumfries 188.0 NaN
5222 331498 Jordi Mboula 183.0 NaN
5223 333361 Chumi 185.0 NaN
5224 339314 Deniz Undav 179.0 NaN
5227 342389 Anders Dreyer 174.0 NaN
5233 364244 Godfried Frimpong 180.0 NaN
5236 371001 Josip Sutalo 190.0 NaN
5242 381968 William Balikwisha 173.0 NaN
5246 387106 Lovro Majer 178.0 NaN
5248 388359 Bahadır Güngördü 190.0 NaN
5249 390125 Lefteris Lyratzis 178.0 NaN
5250 390638 Arthur Cabral 186.0 NaN
5253 396333 Javi Montero 185.0 NaN
5258 400797 Callum McCowatt 179.0 NaN
5259 401356 Edson Álvarez 190.0 NaN
5260 401530 Éder Militão 186.0 NaN
5261 403151 Robert Sánchez 197.0 NaN
5263 403673 Mikael Anderson 180.0 NaN
5266 409884 Miguel Nóbrega 190.0 NaN
5269 415525 Kanya Fujimoto 176.0 NaN
5271 416465 Marios Tsaousis 175.0 NaN
5273 424042 Nahuel Molina 175.0 NaN
5275 428563 Lewis Ferguson 181.0 NaN
5280 440163 Miguel Mellado 176.0 NaN
5281 441986 Yann Bisseck 196.0 NaN
5282 442320 Didier Lamkel Zé 192.0 NaN
5285 445939 Omar Marmoush 183.0 NaN
5287 448632 Yehvann Diouf 184.0 NaN
5288 451642 Can Keles 180.0 NaN
5298 470794 Ivan Ilić 186.0 NaN
5302 487469 Vitinha 172.0 NaN
5303 487474 Francisco Conceição 170.0 NaN
5307 495601 Víctor Gómez 169.0 NaN
5313 511815 Owen Otasowie 191.0 NaN
5321 534435 Joseph Paintsil 169.0 NaN
5325 549354 Ryan Strain 181.0 NaN
5326 551505 Mousa Al-Tamari 178.0 NaN
5329 564544 Pedro Amador 181.0 NaN
5330 569384 Lucien Agoumé 185.0 NaN
5331 569387 Valentin Gendrey 179.0 NaN
5332 571299 Hrvoje Smolcic 185.0 NaN
5335 578392 Maximilian Beier 185.0 NaN
5336 579261 Konadu Yiadom 193.0 NaN
5339 584769 Dwight McNeil 183.0 NaN
5344 599879 Marrony 186.0 NaN
5345 601577 André Anderson 180.0 NaN
5350 616894 Eren Elmalı 180.0 NaN
5354 631904 Anselmo García MacNulty NaN NaN
5357 644676 Bruno Amione 187.0 NaN
5363 655012 Lucas Stassin 183.0 NaN
5365 657435 Pedro Santos 183.0 NaN
5367 669305 Viktor Bliznichenko 174.0 NaN
5371 681497 Ari Moura 174.0 NaN
5374 689628 Lucas Vera 164.0 NaN
5376 707063 Malick Mbaye 173.0 NaN
5378 710886 Leo Sauer 184.0 NaN
5380 728924 Lucas Hey 189.0 NaN
5383 743386 Malick Fofana 169.0 NaN
5384 743591 Sávio 176.0 NaN
5386 746997 Aidan Denholm NaN NaN
5390 796213 Nelson Weiper 192.0 NaN
5393 820374 Kobbie Mainoo 175.0 NaN
5394 823231 Dango Ouattara 177.0 NaN
5395 828341 Jeffrey Adjei-Broni NaN 25000.0
5397 844299 Mohamed Jaouab 190.0 NaN
5398 851990 Jack Sanders 193.0 NaN
5406 911328 Mohamed Kaba 185.0 NaN
5407 913429 Tim Köhler 191.0 NaN
5408 916497 Massamba N’Diaye 202.0 NaN
5410 926602 Nicolas Closset NaN NaN
5411 927636 Rodrigo Melro 177.0 NaN
5412 931102 David Watson NaN 50000.0
5416 1000157 İbrahim Demir NaN 50000.0
5418 1025981 Sabil Hansen NaN 150000.0
5420 1035983 Djovkar Doudaev NaN NaN
5421 1059630 Vitaliy Mykhayliv 165.0 NaN
5423 1134218 Artem Gusol 184.0 NaN
5426 27490 Jean-Louis Leca 180.0 NaN
5429 42710 Toby Alderweireld 187.0 NaN
5430 44466 Sebastian Rode 179.0 NaN
5432 51977 Pavao Pervan 194.0 NaN
5434 52495 Chris Basham 190.0 NaN
5435 53350 Egor Filipenko 190.0 NaN
5437 48015 Lukas Hradecky 192.0 NaN
5443 126516 Antonio Luna 178.0 NaN
5444 168527 Igor Leshchuk 188.0 NaN
5452 248271 Umut Nayir 191.0 NaN
5459 338070 Konstantinos Tsimikas 179.0 NaN
5463 369258 Dudu 196.0 NaN
5465 387197 Etienne Vaessen 189.0 NaN
5468 433049 Youssef En-Nesyri 192.0 NaN
5470 448028 Kevin Sessa 175.0 NaN
5475 463526 Robin Jalving 193.0 NaN
5484 697724 Egor Pogostnov 198.0 NaN
5485 700305 Buluthan Bulut 171.0 NaN
5487 738480 Tom Bramel 196.0 NaN
5489 924399 Eren Altıntaş NaN NaN
5490 989998 Diego van Oorschot 173.0 NaN
5491 1103981 Nathaniel Opoku 183.0 NaN
5494 93831 Tom Trybull 183.0 NaN
5496 282823 Alfie Whiteman 188.0 NaN
5499 357117 Alban Lafont 196.0 NaN
5500 400489 Eljif Elmas 182.0 NaN
5503 633442 Metehan Mert NaN 50000.0
5506 794592 Markus Jensen NaN 150000.0
5509 59290 Anton Savin 177.0 NaN
5510 60543 Mathieu Gorgelin 187.0 NaN
5512 65318 Jaume Costa 171.0 NaN
5513 66100 Oriol Romeu 183.0 NaN
5514 66953 Murat Akça 184.0 NaN
5516 69683 Alan Dzagoev 179.0 NaN
5518 73700 Nikolaos Kaltsas 172.0 NaN
5519 75458 Robin Olsen 196.0 NaN
5528 112948 Jakub Brabec 186.0 NaN
5530 126414 Hakan Çalhanoğlu 178.0 NaN
5540 138736 Alpaslan Öztürk 186.0 NaN
5546 153678 Kingsley Schindler 183.0 NaN
5550 160506 Josip Radosevic 180.0 NaN
5554 166581 Yevgen Volynets 188.0 NaN
5556 169497 Juan Cruz 182.0 NaN
5560 192968 Francesco Ruberto 185.0 NaN
5561 193116 John McGinn 178.0 NaN
5564 199316 Abdülkerim Bardakcı 185.0 NaN
5571 206040 Raúl Jiménez 187.0 NaN
5573 206746 Kenny Tete 180.0 NaN
5581 226012 David Soria 192.0 NaN
5582 226973 Harrison Reed 181.0 NaN
5584 230784 Thomas Partey 185.0 NaN
5589 238993 Simone Scuffet 193.0 NaN
5591 242631 Alex Iwobi 183.0 NaN
5596 255901 Rodrigo de Paul 180.0 NaN
5599 262489 Hayao Kawabe 178.0 NaN
5601 264220 Reece Burke 189.0 NaN
5602 264660 Isaac Christie-Davies 188.0 NaN
5605 271098 Philip Zinckernagel 175.0 NaN
5610 282630 Artem Mamin 186.0 NaN
5614 293279 Mark Brink 177.0 NaN
5615 296366 Oleksiy Gutsulyak 184.0 NaN
5617 303157 Jacob Pryts 191.0 NaN
5619 307052 Masaya Okugawa 177.0 NaN
5620 308278 Rey Manaj 182.0 NaN
5625 320701 Ercan Kara 192.0 NaN
5630 330806 İsmail Çokçalış 175.0 NaN
5633 338285 Unai Núñez 186.0 NaN
5634 338424 Mikel Merino 189.0 NaN
5643 351809 Robin Le Normand 187.0 NaN
5645 354340 Rick van Drongelen 188.0 NaN
5654 368982 Nikola Cumic 176.0 NaN
5658 380376 Yevgeniy Morozko 176.0 NaN
5666 395516 Moussa Diaby 171.0 NaN
5668 395849 Selim Dilli 177.0 NaN
5674 412941 Thomas van den Belt 181.0 NaN
5681 423752 Robbie Deas 188.0 NaN
5685 437573 James Brown NaN 25000.0
5688 441515 Daniel Boloca 185.0 NaN
5692 450050 Jean-Ricner Bellegarde 172.0 NaN
5694 457736 Tijjani Noslin NaN 50000.0
5695 461939 Tomás Silva 172.0 NaN
5697 463792 Luca Gemello 190.0 NaN
5700 467610 Shinga 175.0 NaN
5703 481680 Konstantinos Thymianis 186.0 NaN
5707 501709 Theo Bair 191.0 NaN
5710 503987 Noni Madueke 182.0 NaN
5712 505308 César Gelabert 182.0 NaN
5717 520064 Tigran Avanesyan 184.0 NaN
5719 525155 Grégoire Coudert 188.0 NaN
5724 537467 Joseph Efford 176.0 NaN
5726 539134 Daniel Maldini 188.0 NaN
5729 541628 Oliver Sonne 187.0 NaN
5731 546213 Tuta 185.0 NaN
5732 548193 Zeno Debast 191.0 NaN
5737 557149 Kang-in Lee 173.0 NaN
5742 569349 Frederik Winther 190.0 NaN
5754 599150 Ilya Svinov 192.0 NaN
5755 608407 Derensili Sanches Fernandes NaN NaN
5757 612749 Isaac Price 178.0 NaN
5758 617060 Mika Mármol 181.0 NaN
5759 619911 Janne-Pekka Laine 184.0 NaN
5763 627163 Mounaïm El Idrissy 181.0 NaN
5768 649022 Moussa N’Diaye 181.0 NaN
5773 654539 Adrien Truffert 176.0 NaN
5774 655678 Franco Baldassarra 178.0 NaN
5779 671542 Daniel Samek 184.0 NaN
5786 701011 Brodie Spencer 182.0 NaN
5792 723621 Denys Kuzyk 179.0 NaN
5793 726035 Kiril Popov 183.0 NaN
5794 728982 Scott High 177.0 NaN
5800 777005 Mert Kömür 183.0 NaN
5801 777502 Talha Sarıarslan NaN 50000.0
5802 785967 Ibrahima Kébé 180.0 NaN
5803 787618 Valentín Carboni 185.0 NaN
5806 798773 Felix Lange 187.0 NaN
5810 815093 Konstantinos Lampropoulos 190.0 NaN
5815 844637 Marc Pubill 190.0 NaN
5817 855731 Jordan Bos 180.0 NaN
5820 876631 Habib Diarra 179.0 NaN
5822 891971 João Marques 179.0 NaN
5824 896120 Vasilios Kontonikos NaN 50000.0
5825 903223 Martin Delavallée NaN 50000.0
5826 904371 Maksym Kucheryavyi 176.0 NaN
5831 935047 Kyrylo Sigeev 182.0 NaN
5832 967049 Bonota Traoré NaN 50000.0
5835 993870 Davis Bautista 184.0 NaN
5838 1043471 Augusto Dabó 186.0 NaN
5839 1050249 Denys Shevchenko 171.0 NaN
5842 1111912 Adama Bojang 191.0 NaN
5843 1159449 Samu 180.0 NaN
5844 1173042 Djibi Seck NaN NaN
5850 41384 Marko Arnautović 190.0 NaN
5853 46504 Eric Bicfalvi 187.0 NaN
5856 55994 Ukra 176.0 NaN
5858 59442 Yevgen Selin 190.0 NaN
5866 128011 Petros Mantalos 177.0 NaN
5867 131745 Nikolai Alho 172.0 NaN
5868 154396 Danilo Soares 170.0 NaN
5871 243770 Stefan Gartenmann 187.0 NaN
5872 251878 Aarón Martín 180.0 NaN
5873 255451 Anton Miranchuk 185.0 NaN
5874 291422 Lys Mousset 186.0 NaN
5879 347900 Jerdy Schouten 185.0 NaN
5880 351216 Manel Royo 184.0 NaN
5882 361104 Sergiño Dest 171.0 NaN
5887 451252 Igor Shkolik 178.0 NaN
5888 461701 Nair Tiknizyan 181.0 NaN
5890 467437 Malik Tillman 187.0 NaN
5891 481116 Youssef Maziz 175.0 NaN
5893 483046 Josip Stanisic 187.0 NaN
5898 544148 Tomas Cvancara 190.0 NaN
5901 565424 Johan Bakayoko 179.0 NaN
5902 582074 Timur Suleymanov 183.0 NaN
5903 584493 Panagiotis Ginis 190.0 NaN
5907 624690 Manu Koné 185.0 NaN
5910 655009 Richie Sagrado NaN 150000.0
5911 669306 Volodymyr Brazhko 184.0 NaN
5916 706896 Marcelencio Esajas NaN 25000.0
5917 719673 Ben Doak NaN 3000000.0
5918 745284 Vadim Rakov 178.0 NaN
5925 43530 Adam Lallana 172.0 NaN
5930 186172 Britt Assombalonga 177.0 NaN
5932 249271 Saeid Ezatolahi 190.0 NaN
5935 358008 Gianluca Gaetano 183.0 NaN
5937 699418 Jakub Kaluzinski 185.0 NaN
5938 866177 Amar Gerxhaliu 193.0 NaN
5939 78339 Rafal Gikiewicz 190.0 NaN
5940 85295 Iván Balliu 172.0 NaN
5944 94928 Ruslan Babenko 172.0 NaN
5946 105478 Andrey Semenov 190.0 NaN
5950 113025 Zé Manuel 181.0 NaN
5951 117793 Liam Boyce 184.0 NaN
5970 157506 Jeffrey Schlupp 178.0 NaN
5976 169927 Muammer Yıldırım 190.0 NaN
5979 177031 Emrah Başsan 177.0 NaN
5980 177907 Harry Maguire 194.0 NaN
5990 189715 Khoren Bayramyan 169.0 NaN
5991 190146 Xavier Mercier 174.0 NaN
5994 192875 William Troost-Ekong 191.0 NaN
5995 193464 Evgeniy Kharin 185.0 NaN
5997 195171 Samu Castillejo 182.0 NaN
6000 203966 Andreas Karo 190.0 NaN
6003 215592 Haris Hajradinovic 178.0 NaN
6006 229604 Gerónimo Rulli 189.0 NaN
6007 234733 Panagiotis Deligiannidis 177.0 NaN
6008 235767 John Souttar 186.0 NaN
6013 249565 Youri Tielemans 177.0 NaN
6014 250543 Nordin Jackers 187.0 NaN
6017 256013 Jean Felipe 179.0 NaN
6019 260676 Vladislav Masternoy 179.0 NaN
6022 265569 Youssef Aït Bennasser 184.0 NaN
6026 276914 Scott Wright 176.0 NaN
6027 277135 Kaiyne Woolery 182.0 NaN
6028 281919 Adam Tzanetopoulos 193.0 NaN
6031 286170 Tarık Çetin 193.0 NaN
6037 298642 Kostas Pileas 180.0 NaN
6040 306166 Nuno Da Costa 182.0 NaN
6045 318204 David Raum 180.0 NaN
6050 331560 Takehiro Tomiyasu 188.0 NaN
6051 334481 Leo Goglichidze 182.0 NaN
6054 340343 Antoine Bernier 170.0 NaN
6056 348532 Georgios Xenitidis 175.0 NaN
6057 349066 Alexander Isak 192.0 NaN
6058 353032 Omar Alderete 188.0 NaN
6061 357565 Rodri 191.0 NaN
6064 360518 Teun Koopmeiners 183.0 NaN
6071 375667 Daniil Utkin 183.0 NaN
6077 394127 Mouhamed Belkheir 185.0 NaN
6078 395069 Volodymyr Odaryuk 183.0 NaN
6079 395234 Batista Mendy 191.0 NaN
6088 413039 Bryan Mbeumo 171.0 NaN
6091 431182 Fanil Sungatulin 175.0 NaN
6092 431706 Vitaliy Botnar 187.0 NaN
6094 433177 Bukayo Saka 178.0 NaN
6096 435808 Lazare Amani 172.0 NaN
6099 450417 Dylan Bronn 186.0 NaN
6121 504581 Ryan Giles 179.0 NaN
6123 517376 Yusuf Sarı 168.0 NaN
6127 525299 Miguel Gutiérrez 180.0 NaN
6131 530258 Dean Huiberts 186.0 NaN
6133 535834 Eliot Matazo 170.0 NaN
6135 541537 Barış Alper Yılmaz 186.0 NaN
6137 546253 Dadá Belmonte 172.0 NaN
6139 553062 Vitor Carvalho 183.0 NaN
6140 557939 Neto Borges 185.0 NaN
6141 565431 Nils De Wilde 182.0 NaN
6144 567587 Habib Sylla 178.0 NaN
6146 568177 Cole Palmer 189.0 NaN
6147 569031 Umut Tohumcu 175.0 NaN
6153 580560 Jon Pacheco 184.0 NaN
6155 589926 Charlie Reilly 181.0 NaN
6163 606849 Makhtar Gueye 195.0 NaN
6169 623325 Georgiy Sudakov 177.0 NaN
6170 623553 Lechi Sadulaev 179.0 NaN
6171 624037 Joris Chotard 179.0 NaN
6172 628330 Titos Koutentakis 169.0 NaN
6173 630032 Kevin Rosero 178.0 NaN
6174 635371 Daniël Virginio Deen NaN NaN
6175 635803 Oluwatobiloba Alagbe NaN 50000.0
6179 646707 Wouter Goes 187.0 NaN
6192 673071 Oscar Vilhelmsson 188.0 NaN
6196 683840 Pedri 174.0 NaN
6200 700106 Brajan Gruda 178.0 NaN
6205 726453 Georgios Prountzos NaN NaN
6209 775399 Berna 169.0 NaN
6213 792331 Roony Bardghji 173.0 NaN
6214 794349 Julien Le Cardinal 184.0 NaN
6218 874131 Ömer Ersoy 189.0 NaN
6220 876034 Yanis Guermouche 192.0 NaN
6221 889264 Efe Arda Koyuncu 180.0 NaN
6222 892221 Hugo Sotelo 180.0 NaN
6223 893661 Joel Ordóñez 188.0 NaN
6224 895547 Giannis Theodosoulakis NaN 50000.0
6227 920790 Ryan Howley NaN 100000.0
6228 922825 Morten Olsen NaN 50000.0
6229 924466 Anton Zhylkin 197.0 NaN
6230 924598 Dimitrios Naoumis NaN NaN
6231 926670 Roméo Monticelli NaN NaN
6237 918969 Lamine Camara 173.0 NaN
6240 955070 Ernest Nuamah 178.0 NaN
6242 974982 Ousmane Diomande 190.0 NaN
6243 984439 João Muniz 190.0 NaN
6245 1016253 Efe Akman NaN NaN
6247 1142136 Ilias El Hari NaN NaN
6249 922769 Lewis Miley 185.0 NaN
6250 929603 Miguel Monteiro 187.0 NaN
6251 933570 Duke Verduin 195.0 NaN
6252 935640 Anel Zulic 192.0 NaN
6253 952943 Yakiv Kinareykin 190.0 NaN
6256 986300 Daouda Traoré 186.0 NaN
6257 994229 Gabriel Souza 193.0 NaN
6258 1020704 Niels Devalckeneer 193.0 NaN
6260 1046188 Baran Demiroğlu NaN NaN
6261 1075574 Amidou Doumbouya 182.0 NaN
6262 1082823 Newerton 165.0 NaN
6263 1111777 Sadibou Sané 185.0 NaN
6264 1162979 Ali Kemal Aslankaya NaN 50000.0
6268 931567 Stiven Shpendi 181.0 NaN
6271 939802 Sada Diallo NaN 50000.0
6272 952282 Afonso Moreira 176.0 NaN
6274 984961 Jannes Van Hof 190.0 NaN
6275 997472 Zinho 178.0 NaN
6277 1014342 Şamil Öztürk 194.0 NaN
6279 1050852 Vitaliy Kholod 183.0 NaN
6280 1054839 Mamadou Diakhon NaN NaN
6281 1111147 Chijioke Aniagboso 193.0 NaN
6282 1111241 Mame Mor Faye 182.0 NaN
6283 932340 Buba Jammeh 184.0 NaN
6287 983677 Mats Rots 185.0 NaN
6288 988468 Steven Baseya NaN NaN
6291 1031590 Sotiris Kontouris NaN NaN
6293 1054542 Dida 188.0 NaN
6294 1061674 Vangelis Papakonstantinou NaN 25000.0
6296 1067930 Taylan Utku Aydın NaN NaN
6297 1160122 Lorenzo Youndje NaN NaN
6306 172202 Thomas Bruns 177.0 NaN
6311 209212 Solly March 180.0 NaN
6316 248935 Pavlo Lukyanchuk 180.0 NaN
6318 264646 Oleksandr Osman 169.0 NaN
6323 333640 Joël Drommel 192.0 NaN
6331 464632 Konstantinos Karagiannis 176.0 NaN
6333 471582 Zaydou Youssouf 182.0 NaN
6334 535959 Duk 182.0 NaN
6338 582131 Denilho Cleonise 179.0 NaN
6342 669531 Fotis Kitsos 174.0 NaN
6344 707803 Desmond Acquah 173.0 NaN
6345 718115 Zini 181.0 NaN
6350 815262 Emirhan Çavuş NaN NaN
6352 895480 Adu Ares 183.0 NaN
6353 936571 Stijn Bultman 185.0 NaN
6354 936981 Gustavo Puerta 173.0 NaN
6355 1035982 Dmytro Chernysh 173.0 NaN
6356 1045187 Igor Krasnopir 187.0 NaN
6357 937113 Madi Monamay NaN NaN
6361 1072234 Oleksandr Domolega 189.0 NaN
6363 72768 Nélson Oliveira 186.0 NaN
6369 353365 Marcus Coco 184.0 NaN
6375 885236 Lorenzo Russo NaN 100000.0
6376 106987 Marcel Sabitzer 177.0 NaN
6377 272812 Kingsley Ehizibue 189.0 NaN
6378 290017 Hassane Kamara 170.0 NaN
6380 388513 Mateu Morey 173.0 NaN
6387 467720 Youssoufa Moukoko 179.0 NaN
6395 572265 Lorenzo Lucca 201.0 NaN
6396 633530 Jordan Zemura 173.0 NaN
6398 1009633 David Pejičić NaN 500000.0
6399 100986 Thomas Meunier 191.0 NaN
6400 257988 Leeroy Owusu 174.0 NaN
6405 708410 Ege Bilsel 175.0 NaN
6414 286047 Guglielmo Vicario 194.0 NaN
6415 354361 Frank Anguissa 184.0 NaN
6425 103428 Björn Paulsen 191.0 NaN
6426 106039 Azer Busuladzic 187.0 NaN
6428 182875 Jean-Charles Castelletto 186.0 NaN
6429 242273 Pedro Chirivella 178.0 NaN
6432 528833 Lazar Samardzic 184.0 NaN
6437 524010 Oier Zarraga 175.0 NaN
6438 375719 Yasir Subaşı 180.0 NaN
6445 851385 Tobias Slotsager NaN NaN
6453 348795 Giovani Lo Celso 177.0 NaN
6461 513245 Jesper Lindstrøm 182.0 NaN
6465 802726 Charly Nouck 184.0 NaN
6467 988532 Danil Anosov 176.0 NaN
6469 260330 Cebrail Karayel 176.0 NaN
6472 353970 Bahadir Öztürk 185.0 NaN
6473 367284 Leo Østigård 182.0 NaN
6475 379181 Kirill Zaika 168.0 NaN
6480 406638 Oliver Skipp 175.0 NaN
6481 482573 Antonios Papadopoulos 186.0 NaN
6485 388198 Nico Schlotterbeck 191.0 NaN
6491 326029 Donyell Malen 176.0 NaN
6498 240414 Alex Meret 190.0 NaN
6500 380761 Artem Makarchuk 185.0 NaN
6502 555557 Hubert Idasiak 188.0 NaN
6508 76158 Alexander Meyer 195.0 NaN
6509 184892 Florian Thauvin 181.0 NaN
6512 391719 Domingos Quina 173.0 NaN
6515 1014243 Vivaldo Semedo 192.0 NaN
6521 75489 Niclas Füllkrug 189.0 NaN
6526 230746 Erdal Rakip 179.0 NaN
6528 580276 Emrehan Gedikli 187.0 NaN
6529 882568 Deniz Ertaş NaN 50000.0
6531 1068053 Harun Toprak NaN 50000.0
6532 923832 Nathan Zeze 190.0 NaN
6533 1004618 Stredair Appuah 185.0 NaN
6539 392160 NaN NaN 50000.0
6540 1020649 NaN NaN 100000.0
6541 780506 NaN NaN 25000.0
6542 1043709 NaN NaN 200000.0
6543 290951 NaN NaN 150000.0
6544 1048118 NaN NaN 100000.0
6545 881687 NaN NaN 50000.0
6546 387355 NaN NaN 100000.0
6547 876646 NaN NaN 50000.0
6548 424014 NaN NaN 75000.0
6549 1078326 NaN NaN 100000.0
6550 822116 NaN NaN 200000.0
6551 591956 NaN NaN 50000.0
6552 603348 NaN NaN 25000.0
6553 58392 NaN NaN 1000000.0
6554 866609 NaN NaN 100000.0
6555 690552 NaN NaN 50000.0
6556 134458 NaN NaN 200000.0
6557 395485 NaN NaN 50000.0
6558 1069459 NaN NaN 100000.0
6559 969971 NaN NaN 50000.0
6560 74996 NaN NaN 150000.0
6561 866756 NaN NaN 10000.0
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In this exercise, we conducted a full join to merge the players_select and player_valuations_subset
dataframes. The resulting players_and_valuation dataframe includes all records from both
dataframes. Where matches exist, they are combined; where they do not, the join inserts
missing values. This results in the players_and_valuation_na dataframe highlighting
players with missing valuation data, demonstrating the full join’s inclusiveness.

This method is particularly useful in scenarios where you need a complete view of both datasets,
ensuring that no information is discarded, even when some data points lack a corresponding
match.

How to Choose the Right Merge Method

 Merging Tips

This section provides tips on how to choose the right join/merge method for your data
analysis needs.

Selecting the appropriate merge method is essential for effective data analysis. The choice
largely depends on your dataset’s completeness and the specific questions you aim to answer.

• Assessing Data Completeness: If you’re unsure about your dataset’s completeness,
opt for left, right, or outer merges. These methods are particularly revealing about
missing data, offering insights into potential gaps in your information.

• Confident in Data Quality: When you’re confident about your dataset’s thoroughness
and integrity, your selection should align with the needs of your analytical queries.

– Inner Merge: Ideal when your focus is solely on records existing in both datasets.
For example, if you’re analyzing player performance only in matches that reached
a specific stage or criterion, an inner merge efficiently narrows down the dataset to
your area of interest.

– Left/Right Merge: These are beneficial when you need to maintain all records
from one dataset, regardless of whether they find a match in the other. For instance,
in analyzing trends over seasons (like player transfers or club performances), a left
merge with the primary dataset on the left ensures you retain a complete historical
record, pulling in additional details where available.

– Full/Outer Merge: Use this when it’s crucial to consider all available data from
both datasets. This method is particularly useful for comprehensive overviews, such
as analyzing complete player statistics, where both presence and absence of data
points are significant.
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Remember, the key is to align the merge method with both the nature of your data and
the specific questions you’re investigating. This strategic approach ensures that the resulting
dataset is optimally structured for your analysis.

Concatenation: Unifying Segmented Data for Holistic Analysis

Data concatenation is a technique that merges data from multiple sources into a single dataset,
which is particularly useful when you’re working with segmented information such as time-
series data. For instance, when analyzing performance metrics of a sports team across a
season, where each month’s data is in a separate file, concatenation is the method that will
piece these segments together into a coherent whole.

In R, bind_rows() from the dplyr package is the go-to function for this task. It stacks
data frames with the same column names on top of each other to form an elongated, unified
dataset. Should there be any mismatch in column names, bind_rows() will not discard any
data; instead, it will introduce NA values where the columns do not align:

library(dplyr)
combined_df <- bind_rows(df1, df2, df3) # Concatenating data frames df1, df2, and df3

Python’s pandas offers the equivalent functionality with its concat() function. It, too, stacks
dataframes vertically, but handles mismatched columns by inserting NaNs, ensuring no data
is excluded from the final dataset:

import pandas as pd
combined_df = pd.concat([df1, df2, df3]) # Concatenating data frames df1, df2, and df3

Let’s demonstrate this through a practical example in our Transfermarkt dataset. For this
illustration, we’re going to focus on stadium attendance during the first matchday of the
English Premier League for two distinct seasons – 2022 and 2023. Typically, such data might
be stored in separate files for each season. However, to simplify our example and illustrate the
concept effectively, we’ll artificially create two subsets from our existing games dataset – one
for each season.

The subset_games function we introduce below will help us filter and select the relevant data
for each season based on specific criteria: the season year, competition ID, and matchday.
We’ll then use data concatenation to combine these subsets into a single dataframe. This
approach provides a unified view of attendance data across the two seasons, allowing for a
more comprehensive analysis.
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R

# Define a function for dataframe subsetting
subset_games <- function(df, season_year, competition, matchday) {
df %>%

filter(season == season_year & competition_id == competition & round == matchday) %>%
select(competition_id, season, round, date, home_club_name, away_club_name, attendance)

}

# Apply function to subset data for 2022 and 2023
games_EPL2022 <- subset_games(games, 2022, 'GB1', '1. Matchday')
games_EPL2023 <- subset_games(games, 2023, 'GB1', '1. Matchday')

# Concatenate the data
matchday1_attendance <- bind_rows(games_EPL2022, games_EPL2023)

# Randomly select 8 rows from the concatenated dataframe
random_rows <- sample_n(matchday1_attendance, 6)

# Display the randomly selected rows
print(random_rows)

Python

# Define a function for dataframe subsetting
def subset_games(df, season, competition_id, matchday):

mask = (df['season'] == season) & (df['competition_id'] == competition_id) & (df['round'] == matchday)
return df[mask][['competition_id', 'season', 'round', 'date', 'home_club_name', 'away_club_name', 'attendance']]

# Apply function to subset data for 2022 and 2023
games_EPL2022 = subset_games(games, 2022, 'GB1', '1. Matchday')
games_EPL2023 = subset_games(games, 2023, 'GB1', '1. Matchday')

# Concatenate the data
matchday1_attendance = pd.concat([games_EPL2022, games_EPL2023])

# Randomly select 6 rows from the concatenated dataframe
random_rows = matchday1_attendance.sample(n=6)

# Display the randomly selected rows
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random_rows

competition_id season round date home_club_name away_club_name attendance
60601 GB1 2023 1. Matchday 2023-08-13 Chelsea FC Liverpool FC 40096.0
61431 GB1 2022 1. Matchday 2022-08-06 Newcastle United Nottingham Forest 52245.0
10049 GB1 2022 1. Matchday 2022-08-05 Crystal Palace Arsenal FC 25286.0
18286 GB1 2022 1. Matchday 2022-08-06 Tottenham Hotspur Southampton FC 61732.0
39007 GB1 2023 1. Matchday 2023-08-11 Burnley FC Manchester City 21572.0
18069 GB1 2022 1. Matchday 2022-08-07 Manchester United Brighton & Hove Albion 73711.0

This vertical concatenation effectively combines segmented data, such as matchday information
across seasons, facilitating comprehensive analysis from a unified dataset.

Managing Multiple Files With a Naming Pattern in R

For managing multiple files in R, when file names share a consistent pattern, list.files()
can automate the file-gathering process. Coupled with lapply() and read_csv() from the
readr package, it reads each file into R and bind_rows() then stitches them all together.
If your files lack a naming pattern, consider renaming them for uniformity or individually
specifying each file. Here’s how this process works:

library(readr)
# Get a list of all files in the current directory that match the pattern “monthly_data_.*csv”
files <- list.files(pattern = "monthly_data_.*csv")
# Apply read_csv() to each file and add the resulting dataframes to the list df_list
df_list <- lapply(files, read_csv)
# Concatenate all the dataframes
combined_df <- bind_rows(df_list)

 Challenge for the Learner

Enhance your understanding of data organization and merging techniques using the
Transfermarkt dataset by:

1. Applying an outer merge to combine players.csv and clubs.csv datasets based
on current_club_id and club_id, then exploring any discrepancies or unmatched
records.

2. Using concatenation to combine games.csv data from two different rounds or
matchdays, then analyzing trends or differences between these rounds.
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Conclusion and Reflection: Advancing Sports Analysis with
Structured Data

In this lesson, we’ve navigated the essentials of data organization in sports analytics, learning
to merge and concatenate datasets effectively. We explored practical techniques like inner and
full joins, each serving a unique purpose in combining our sports data. From aligning datasets
based on common keys to stacking them for a broader view, these methods have equipped us
to handle data more confidently.

By applying these strategies to our Transfermarkt dataset, we’ve demonstrated how structured
data enhances sports analysis. Whether it’s analyzing team performances or tracking player
stats, the right organization method ensures no critical insight is missed.

The techniques covered here lay the groundwork for more advanced topics in data organiza-
tion and analysis. Delve deeper into areas like data cleaning, advanced querying, and even
predictive modeling to further enrich your understanding of sports data. Each step forward in
mastering data organization opens new possibilities for insightful analysis, bringing valuable
contributions to the field of sports and exercise science.

Knowledge Spot-Check

 Which join method retains all records from the primary dataset, regardless
of matching entries in the secondary dataset? A) Inner Join B) Left Join C) Right
Join D) Full Join Expand to see the correct answer.

The correct answers are B) Left Join and C) Right Join.

 In the context of data merging, what is the significance of the ‘by’ argu-
ment? A) It specifies the column names for concatenation. B) It identifies the rows to
be excluded. C) It defines the columns used to align and combine datasets. D) It changes
the order of rows in the final dataset. Expand to see the correct answer.

The correct answer is C) It defines the columns used to align and combine datasets.

 What is a primary advantage of a full join in data merging? A) It merges
datasets based on unique keys only. B) It includes all records from both datasets, even
unmatched ones. C) It is faster than other join methods. D) It only retains records with
no missing values. Expand to see the correct answer.

The correct answer is B) It includes all records from both datasets, even unmatched ones.
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 When is data concatenation particularly useful in sports analytics? A) To
compare two different datasets. B) To merge datasets with different column names. C)
To combine segmented data, like time-series data. D) To filter out unnecessary data.
Expand to see the correct answer.

The correct answer is C) To combine segmented data, like time-series data.

 In R, which function is commonly used for data concatenation? A) merge()
B) concat() C) bind_rows() D) join() Expand to see the correct answer.

The correct answer is C) bind_rows().

23


	Learning Outcomes
	Introduction: Data Organization
	Importance of Efficient Data Organization in Sports Analytics
	Data Normalization: Why Separate Tables Enhance Data Integrity And Reduce Redundancy
	Data Organization in Spreadsheets: Streamlining for Accuracy and Efficiency
	Tools for Data Merging and Concatenation
	dplyr package in R
	pandas library in Python

	Overview of the Multi-Table Sports Dataset for This Case Study
	R
	Python
	R
	Python
	R
	Python
	R
	Python

	Data Merging: Building a Comprehensive Dataset
	Inner Join/Merge
	R
	Python
	R
	Python
	Left/Right Join/Merge
	R
	Python
	R
	Python
	Full Join / Outer Merge
	R
	Python
	R
	Python
	How to Choose the Right Merge Method

	Concatenation: Unifying Segmented Data for Holistic Analysis
	R
	Python
	Managing Multiple Files With a Naming Pattern in R

	Conclusion and Reflection: Advancing Sports Analysis with Structured Data
	Knowledge Spot-Check

